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Abstract
Background: Completion of homework, defined as therapeutic activities assigned between sessions to reinforce skills and
promote behavior change, is strongly linked to therapy outcomes. Yet, homework compliance remains low, potentially due to
outdated delivery methods such as paper or email. Mobile health technologies may improve engagement by digitizing therapy
tasks and tracking progress. Yosa is a mobile health app designed to facilitate homework delivery and enhance engagement
between sessions for patients in therapy.
Objective: The primary aim of this study was to evaluate the perceived acceptability of Yosa among licensed therapists and
individuals currently receiving therapy. A secondary aim was to examine whether key Technology Acceptance Model (TAM)
constructs predicted attitudes toward and intention to use Yosa. Qualitative feedback was also collected to inform iterative
development and future deployment.
Methods: Two cross-sectional surveys were conducted: study 1 with licensed therapists (N=45) and study 2 with current
therapy patients (N=96). Participants viewed video demonstrations of Yosa, learned about Yosa’s features, and rated the app
on TAM constructs, including perceived usefulness, perceived ease of use, perceived risk, attitude toward, and intention to use
Yosa, using 0‐100 scales. For most constructs, higher scores reflected more favorable evaluations, whereas lower perceived
risk scores reflected more favorable evaluations. Descriptive statistics and 95% CIs were generated for each construct in both
samples, with scores interpreted relative to the neutral midpoint (50). Multiple regression analyses were conducted to examine
predictors of attitude and intention to use. Qualitative feedback from the surveys was analyzed thematically.
Results: Therapists and patients reported generally favorable perceptions of Yosa across TAM domains. Among therapists
and patients, ratings of the perceived usefulness of the homework feature, therapy journal, and overall app; perceived ease
of use; attitudes toward Yosa; and intention to use were all above the midpoint. Perceived risk scores were mild to moderate
in patients and moderate in therapists, respectively. Regression analyses indicated that perceived usefulness was a positive
predictor of both attitude toward and intention to use Yosa across therapists and patients, while perceived risk was negatively
associated with these outcomes in several models. Qualitative themes included requests for additional features, usability
enhancements, and data privacy concerns.
Conclusions: Therapists and patients reported generally favorable perceptions of Yosa after reviewing descriptions and video
demonstrations of the platform, particularly in terms of usefulness and ease of use, supporting favorable perceptions of its
potential acceptability as a digital tool for between-session therapy support. Qualitative feedback informed refinements aimed
at reducing perceived risks and enhancing the intention to use.
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Introduction
Background
Therapy can be effective in helping individuals manage and
achieve remission from mental health disorders and issues
[1]. However, only a proportion of patients achieve such
desired outcomes in therapy. For example, only 30% to
60% of patients in therapy achieve remission or significant
symptom reduction in common psychological disorders, such
as depression and eating disorders [2,3]. Thus, changes need
to be made to the therapeutic process to improve patient
outcomes.

One area in which therapeutic processes could be
improved is the patients’ ability to apply the skills learned in
therapy to their everyday lives [4], which is often achieved
via homework assigned to the patient. Homework refers
to assignments that patients complete between sessions to
advance treatment goals, such as gaining insight into one’s
maladaptive thoughts or behaviors or practicing skills to
manage symptoms [5]. Homework assignments are consid-
ered essential in most cognitive behavioral therapies and are
frequently used in therapeutic practice [5].

Homework assignments can take several forms, including
psychoeducational homework, self-monitoring, and behavio-
ral practice [6,7]. Psychoeducational homework may include
assigned reading to learn about the symptoms of a per-
son’s psychological disorder, its causes, and other pertinent
information related to treatment. Self-monitoring involves
tracking one’s cognitions, emotions, and behaviors, which
helps the therapist understand a patient’s patterns beyond
what is observed in therapy [5] and increases the patient’s
awareness of their own internal experiences (thoughts and
emotions) and behaviors [8]. Finally, behavioral practice
refers to homework that encourages clients to try a new
behavioral skill, such as a coping strategy (eg, journaling or
meditation) or a behavioral experiment (eg, exposure to an
anxiety-provoking situation), fostering skill development and
cognitive and behavioral change [6,7].

Homework compliance is significantly correlated with
positive patient outcomes across a number of psychologi-
cal disorders, including mood disorders [9], anxiety disor-
ders [10], trauma or stressor-related disorders [11], and
substance use disorders [4]. Meta-analyses have demonstrated
greater effectiveness among treatments that include home-
work compared to those without homework, producing a
moderate improvement in outcomes [12].

Despite its clear positive impact, engagement with
homework outside of therapy sessions among patients
remains low. Homework compliance rates in adults receiv-
ing therapy are estimated to be about 50% [13]. The
existing literature describes several provider-cited barriers to
homework compliance, including difficulty engaging patients,
discouragement due to low engagement, uncertainty about

what to assign, lack of time, and challenges in individualizing
homework [14]. Barriers cited by patients include a lack of
support, instruction, interactivity, and reward for completing
homework [13,14].

These barriers may be linked to limitations with current
delivery methods, specifically the fact that homework is often
administered via paper, oral instructions, and/or email. Paper
worksheets can be easily lost, may have associations with
school and high effort [6], and are not feasible in teletherapy.
Homework assigned via oral instruction may lack clarity and
can be easily forgotten. Furthermore, homework delivered via
paper, oral instruction, and email lacks interactivity, which is
a barrier to compliance with homework for patients [14].

Mobile health (mHealth) apps provide several advantages
over traditional methods of delivering homework. A mobile
app centralizes assignments, making them accessible anytime,
and reducing the risk of lost materials. Given the ubiquity
of smartphones, which an estimated 91% of the US popula-
tion uses and carries almost constantly [15], mobile apps
are almost always at a user’s fingertips. Additionally, mobile
apps may enhance engagement with homework through
interactive features, gamification, reminders, notifications, a
stimulating user interface, user customization, and self-moni-
toring capabilities. Their data-tracking features may enable
easier progress monitoring and pattern identification. For
example, therapists could see a patient’s symptom ratings,
substance use, medication adherence, and activity in one
place, making it easy to spot patterns in the data, for example,
how spikes in stress coincide with alcohol use.

To date, all known therapy homework apps are designed
for specific therapy approaches (eg, cognitive behavioral
therapy) or disorders (ie, posttraumatic stress disorder) with
a library of premade assignments, limiting customization and
flexibility. A shortcoming of this type of app is that thera-
pists often use multiple therapy approaches and treat diverse
patients with different presenting problems. Furthermore,
a rigid library of premade assignments reduces therapists’
ability to introduce new worksheets, use worksheets outside
of the existing library, or tailor worksheets to individual
patients. Thus, to our knowledge, existing apps fail to allow
for this customization and personalization around homework
assignments, highlighting the need for a flexible app that
allows therapists to tailor assignments to their caseloads.

In addition, despite the availability of thousands of mental
health apps, few have undergone rigorous scientific testing.
As of 2018, over 325,000 mHealth apps existed—a 10-fold
increase from 2014—but only 131 acceptability studies were
published [16]. Without acceptability testing among key
stakeholders, there is a risk of disconnect between what
developers believe will be effective and what therapists and
patients find useful. Such testing also provides an opportunity
to gather real-world feedback, enabling iterative improve-
ments that better align app features with user needs and

JMIR FORMATIVE RESEARCH Williams & Crochiere

https://formative.jmir.org/2026/1/e86214 JMIR Form Res 2026 | vol. 10 | e86214 | p. 2
(page number not for citation purposes)

https://formative.jmir.org/2026/1/e86214


ultimately support higher adoption and long-term effective-
ness [17].

The challenges inherent in existing modes of deliver-
ing homework inspired the development of Yosa, an app
designed to improve homework delivery and completion in
therapy, with the goal of ultimately improving homework
compliance, patient engagement, and outcomes. Acceptability
testing is necessary to ensure Yosa meets the needs of the
target population and is engaging, easy to use, and low-risk.
Thus, evaluations of Yosa from key stakeholders allow us to
shape the development of the app so that it offers a viable
solution to the homework challenges described above.
Study Objectives
The primary aim of this study is to test Yosa’s acceptability
among key stakeholders to inform its potential integration
into therapeutic practices, with study 1 surveying licensed
therapists and study 2 surveying therapy patients. The
Technology Acceptance Model (TAM), the most commonly-
used framework for assessing mHealth acceptance [18],
was used as a guiding theoretical framework. Specifically,
this study addressed the following research questions: (1)

How do licensed therapists and current therapy patients
rate the acceptability of Yosa across key dimensions of
the TAM, including perceived usefulness, perceived ease of
use, perceived risk, attitudes, and intention to use Yosa? (2)
Which perceptions of Yosa (eg, perceived usefulness) predict
attitudes toward and intention to use Yosa? We hypothesized
that patients and therapists would rate Yosa as acceptable on
the TAM’s scales measuring perceived usefulness, perceived
ease of use, attitude, intention to use, and perceived risk.
Furthermore, we hypothesized that perceived usefulness and
perceived ease of use would positively predict attitude and
intention to use Yosa, and perceived risk would negatively
predict attitude and intention to use Yosa among both
therapists and patients. Although TAM specifies directional
relationships among constructs, this study examined these
associations using regression-based analyses rather than
formally testing the full structural model. Although Yosa
is designed to improve engagement between sessions, we
were unable to assess actual engagement in this prelimi-
nary, survey-based study; thus, engagement was not directly
assessed in this study. The research model is shown in Figure
1.

Figure 1. Research model based on the Technology Acceptance Model.

Methods
Study 1

Participants
Licensed therapists (N=45) with advanced degrees were
included in the final analytic sample. Initially, 52 thera-
pists completed the survey; 7 were excluded because they
did not complete at least 25% of the study measures. For
this preliminary study, convenience sampling was used,
and participants were recruited primarily from the Wil-
liams College alumni directory and the authors’ professional
networks. Participants were required to meet the following
inclusion criteria: (1) currently licensed as a therapist, (2)
residing in the United States, (3) able to understand and
provide informed consent, and (4) proficient in speaking,

reading, and writing English. To maximize privacy, iden-
tifying information was separated from participant respon-
ses. Ten meals were donated to Feeding America for each
completed participant response.

Procedure
Therapists provided informed consent and then completed
questions related to demographics and their therapy prac-
tice, including the type and setting of therapy (remote vs
in-person), the average number of patients on their case-
load, whether they assign homework in therapy, and, if so,
the frequency and estimated compliance of homework in
their practice, as well as homework delivery methods. Next,
therapists read descriptions of Yosa and viewed app video
demonstrations of its features, which illustrated various Yosa
functionalities. See Multimedia Appendix 1 for screenshots
and feature descriptions of the Yosa features included in
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this study. Participants were not able to directly interact with
Yosa, as the app was not yet fully developed at the time of
the study. Accordingly, videos were used to gather forma-
tive feedback to inform refinements prior to release. The
first video was titled Homework on Yosa and demonstrated
how Yosa allows therapists to upload and send homework
assignments via the app, and how patients can view and
complete the assignments directly in the app. The next video
was titled Therapy Journal on Yosa and demonstrated how
Yosa allows patients to track therapy sessions, think through
presession topics, and generate postsession reflections. The
final video was titled Total Yosa Features and illustrated how
patients can use Yosa to track their thoughts, emotions, and
behaviors (eg, medication, sleep, and substance use), journal,
generate a safety plan, and access crisis resources.

Each demonstration was followed by a modified version of
the TAM perceived usefulness measure, which assessed the
usefulness of that specific feature. Therapists then completed
the TAM measure of perceived ease of use with all features in
mind. Next, therapists learned about the Yosa team’s plan for
implementing data security and answered a set of perceived
risk items. Afterward, therapists completed measures of their
attitude toward and intention to use Yosa as a whole. Finally,
therapists were asked if they had any thoughts regarding how
to improve Yosa or feedback they would like to share with
the founder, allowing for qualitative insights.
Ethical Considerations
All study procedures were approved by the Williams College
Institutional Review Board via expedited review on Febru-
ary 28, 2024, prior to the study’s commencement. All study
procedures adhered to institutional and ethical guidelines
for research involving human participants. All participants
provided written informed consent, and each participant
retained the right to make an informed, voluntary decision to
participate in this study. Identifying information was collected
solely for the consent process and was not linked to survey
data, which were deidentified before analysis. Participants
received compensation in the form of charitable donations
(10 meals donated to Feeding America) for each completed
survey response.

Measures
TAM
Consistent with prior research, each item measuring perceived
usefulness, perceived ease of use, perceived risk, attitude
toward, and intention to use the technology (Yosa) was scored
on a 100-point scale from “Strongly disagree” (scored as
0) to “Strongly agree” (scored as 100), with a score of 50
representing “Neither agree nor disagree”; all items were
averaged equally [19]. Consistent with standard applications
of the TAM, constructs were treated as continuous varia-
bles. Mean scores and 95% CIs were used to characterize
participant responses. Scores were interpreted relative to
the scale midpoint (50), which served as a reference point
rather than a theoretically derived acceptability threshold.
Higher scores on positively valenced constructs (perceived
usefulness, perceived ease of use, attitude, and intention to

use) reflect more favorable perceptions, and lower scores on
perceived risk reflect more favorable perceptions. Because
this study used adapted TAM constructs from prior research,
internal consistency reliability was assessed using Cronbach
α. Exploratory factor analyses were conducted separately for
each multi-item TAM construct to evaluate whether items
loaded onto their expected dimensions. Analyses supported
unidimensionality within constructs, with items demonstrat-
ing strong loadings onto single factors across both samples. A
broader exploratory factor analysis including all TAM items
was explored but produced unstable estimation results, likely
reflecting substantial overlap among theoretically related
constructs and the modest sample size. All survey items are
provided in Multimedia Appendix 2.

Perceived Usefulness
This scale assesses the degree to which a particular technol-
ogy is perceived as useful and has demonstrated excellent
internal consistency (Cronbach α=0.97) [20]. Consistent with
existing research, participants rated 6 modified TAM items
tailored to the specific Yosa feature category being evaluated
[21]. For example, participants were asked to indicate how
strongly they agreed with statements such as, “Using Yosa
would make homework delivery easier.”

Perceived Ease of Use
This scale evaluates how easy a particular technology is
to use and has demonstrated strong reliability in previous
research (Cronbach α=0.93) [20]. Participants rated Yosa on
6 unmodified TAM items assessing ease of use [20]. For
example, participants were asked to indicate how strongly
they agreed with statements such as, “Learning to operate
Yosa would be easy for me.”

Perceived Risk
This scale measures concerns related to privacy and security.
The 5 items were based on prior studies that draw inspira-
tion from the TAM model (Cronbach α=0.97) [22]. Partici-
pants were asked to indicate how strongly they agreed with
statements such as, “Using Yosa would result in unauthorized
access to sensitive information.”

Attitude
This scale measures overall perspectives and opinions of a
particular technology, including both positive and negative
sentiments about the technology (Guttman lower bound=0.85)
[20,23]. For example, participants were asked how strongly
they agreed with statements such as, “Using Yosa is a good
idea.”

Intention to Use
This scale measures willingness and plans to use a particular
technology (Cronbach α=0.87) [24]. Participants were asked
how strongly they agreed with statements like, “Assuming
that I have access to Yosa, I intend to use it.”

Internal consistency was high across measures, with
Cronbach α values of 0.95 for homework perceived
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usefulness, 0.95 for therapy journal perceived usefulness,
0.97 for other features perceived usefulness, 0.92 for
perceived ease of use, 0.88 for perceived risk, 0.85 for
attitude, and 0.98 for intention to use.
Study 2

Participants
Participants (N=100) completed the patient survey via Prolific
[25]. Participants were required to meet the following
inclusion criteria: (1) be a current patient receiving mental
health therapy; (2) reside in the United States; (3) have the
ability to understand and provide informed consent; (4) be
proficient in speaking, reading, and writing English; and
(5) own or have access to a smartphone (to ensure they
could hypothetically use Yosa’s mobile app). No identifying
information was collected, and participants received US $4 as
compensation after study completion, a rate above Prolific’s
guidelines for sufficient compensation for the survey length.

Procedure
All study procedures were approved by the Williams
College Institutional Review Board prior to the study’s
commencement. The patient survey was almost identical
to the therapist survey described in study 1, aside from
some small modifications detailed below. After providing
informed consent, patients completed demographic questions,
then read descriptions and viewed video demonstrations of
the same features on Yosa, which were slightly modified
to better reflect the patient (vs the therapist) perspective.
Each demonstration was again followed by items assessing
perceived usefulness. After completing the final perceived
usefulness measure, patients similarly completed the TAM
measure of perceived ease of use, learned about the Yosa
team’s plan regarding data security, and completed measures
of perceived risk, attitude toward, and intention to use Yosa
as a whole. To ensure attentive participation, 2 attention
check questions were included within the survey. Participants
who failed both attention checks were not compensated or
included in the data analysis.

Measures
The same TAM measures of perceived usefulness, perceived
ease of use, perceived risk, attitude toward, and intention to
use Yosa, as described in study 1, were used with minor
wording modifications to cater to a patient’s perspective
rather than a therapist’s. In study 2, internal consistency
was high across measures, with Cronbach α values of
0.94 for homework perceived usefulness, 0.95 for therapy
journal perceived usefulness, 0.95 for other features perceived
usefulness, 0.94 for perceived ease of use, 0.97 for perceived
risk, and 0.85 for attitude.

Data Analysis
R Studio (R Foundation for Statistical Computing) was used
for statistical analysis. In study 1, survey responses in the
Qualtrics survey were not required, resulting in missing
data. Given that high item nonresponse threatens statistical
power and introduces bias [26], participants were excluded

if they answered fewer than 25% of key measure questions,
which was considered insufficient for reliable estimates. For
measures with 6 items (perceived usefulness and perceived
ease-of-use), if more than 1 item was missing, the partici-
pant’s scores were excluded. For measures with four or fewer
items (perceived risk, attitude, and intention to use), the
participant’s scores were dropped if there were any missing
items. In study 2, participant responses were excluded if
they completed the survey in too little time (<9.5 min) to
have watched the videos (7 min total), read the material, and
answered the questions. Overall, exclusions across studies
primarily reflected incomplete survey responses, missing
key measure data, failed attention checks, ineligibility, or
unusually rapid completion times.

Before primary analyses, three covariates were identi-
fied as being significantly related to key outcomes. First,
homework perceived usefulness scores significantly differed
between therapists who assign homework and those who do
not (t43=−2.42; P=.02; do not assign: mean 56.94, SD 18.77;
assign: mean 70.46, SD 21.28). Therefore, data analysis of
the perceived usefulness of the Homework feature inclu-
ded only therapists who assign homework. Second, ther-
apists’ intention-to-use Yosa scores significantly differed
by highest education level (t39=−2.24; P=.03), with those
holding master’s degrees (mean 83.17, SD 25.55) reporting
higher intentions to use than those with a doctorate (mean
60.83, SD 33.17). As a result, education level was entered as
a covariate in the therapist model predicting intention to use.
Third, patients’ intention to use scores significantly differed
by therapy delivery type (F2,89=3.82; P=.03). Post hoc Tukey
tests indicated that patients receiving in-person therapy (mean
70.00, SD 24.53) reported significantly lower intention to use
compared with those receiving remote therapy (mean 83.33,
SD 17.96; P=.04) or a combination of remote and in-per-
son therapy (mean 82.86, SD 18.74; P=.04). This variable
was accordingly controlled for in patient regressions with
intention to use as the dependent variable.

Average TAM construct scores were generated for both
therapist and patient samples. Means and 95% CIs were
used to characterize responses across constructs, with scores
interpreted relative to the neutral midpoint (50). Perceived
usefulness was assessed separately for the homework feature,
therapy journal, and overall app (total), but regression
analyses within the TAM framework used the overall
perceived usefulness (total) measure to capture participants’
holistic evaluation of Yosa’s usefulness when predicting
attitude and intention to use.

Open-ended responses were analyzed by 2 independent
coders using a structured, blinded thematic analysis protocol.
Each coder first read all comments to familiarize themselves
with the content, then independently assigned 1 or more codes
to each comment to capture its core idea. After this first round
of coding, the analysts met to compare codes and jointly
develop a shared codebook. Using only the agreed-upon
codebook, they then independently recoded all comments
again. Interrater reliability was assessed as percent agreement,
with a priori agreement set at 80% or more. Agreement did
not fall below this threshold. Finally, the team collapsed
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related codes into broader themes and selected representative
quotations. The full procedure was repeated separately for
therapist and patient datasets. Correlation matrices of key
study constructs are provided in Multimedia Appendix 3. This
study is reported in accordance with the STROBE (Strength-
ening the Reporting of Observational Studies in Epidemiol-
ogy) guidelines (Checklist 1).

Results
Study 1

Descriptive Statistics
Seven participants were excluded from the analysis because
they completed less than 25% of the key measure questions,
bringing the final sample to 45 participants. Multimedia
Appendix 4 provides summary statistics on the demographic
information of participants, as well as several therapy-rela-
ted variables. The mean age was 45.3 (SD 12.47) years.
The number of years practicing therapy ranged from 1 to
40 years, with an average of 12.93 (SD 11.7) years. The
majority of participants reported their assigned sex as female
(n=33, 73%) and identified as White or European Ameri-
can (n=35, 78%). All participants held either a master’s
degree or a doctorate. The majority of participants practiced
cognitive behavioral therapy (n=33, 73%), practiced multiple
types of therapy (n=40, 89%), practiced under a private
practice (n=23, 51%), saw adult patients (n=40, 89%), and
practiced therapy both remotely and in person (n=34, 76%),
with just one participant solely practicing in-person. Notably,
the majority of participants reported assigning homework to
patients in therapy (n=41, 91%).

Multimedia Appendix 5 provides descriptive statistics
on homework-related variables for therapists who repor-
ted assigning homework (n=41). Therapists who assigned
homework did so for 61% (n=25) of their patients on average,
and 39% (n=16) assigned homework during every session.
Furthermore, therapists who assigned homework estimated,
on average, that just 51% of the homework they assigned was
completed by patients. Homework delivery methods included
paper, email, and oral instruction, with only 15% (n=6) of
participants citing other methods.

Key Measures
Descriptive and summary statistics of key measures for
therapists are shown in Table 1. Overall, therapists repor-
ted favorable perceptions of Yosa across most domains,
with mean scores generally above the neutral midpoint
(50). Ratings of perceived usefulness for the therapy journal
(mean 77.85, SD 14.37; 95% CI 73.48-82.22) and overall
app features (mean 77.97, SD 19.78; 95% CI 71.89-84.06),
perceived ease-of-use (mean 83.00, SD 11.48; 95% CI
79.55-86.45), and attitude toward Yosa (mean 79.37, SD
14.40; 95% CI 74.88-83.85) were notably high. Ratings of
perceived usefulness of the Homework feature (mean 70.46,
SD 21.28; 95% CI 63.74-77.18) and intention to use (mean
61.08, SD 28.85; 95% CI 51.97-70.18) were comparatively
lower, though still above the midpoint. Perceived risk (mean
29.84, SD 19.78; 95% CI 22.58-37.09) was relatively low,
indicating limited concern overall. A flow diagram detail-
ing participant inclusion and missing data is presented in
Multimedia Appendix 6.

Table 1. Descriptive statistics of acceptability measuresa.
Measure Sample, n Min-max Mean (SD; 95% CI)
Therapists
  Perceived usefulness (homework) 41 5.56-100 70.46 (21.28; 63.74-77.18)
  Perceived usefulness (therapy journal) 44 50.00-100 77.85 (14.37; 73.48-82.22)
  Perceived usefulness (total) 43 16.67-100 77.97 (19.78; 71.89-84.06)
  Perceived ease-of-use 45 56.67-100 83.00 (11.48; 79.55-86.45)
  Perceived risk 31 8.33-87.50 29.84 (19.78; 22.58-37.09)
  Attitude 42 50.00-100 79.37 (14.40; 74.88-83.85)
  Intention to use 41 0.00-100 61.08 (28.85; 51.97-70.18)
Patients
  Perceived usefulness (homework) 96 25.00-100 76.87 (16.75; 73.34-80.40)
  Perceived usefulness (therapy journal) 96 16.67-100 75.89 (18.16; 72.21-79.57)
  Perceived usefulness (total) 96 16.67-100 77.10 (18.56; 73.34-80.86)
  Perceived ease-of-use 96 50.00-100 85.58 (12.90; 82.96-88.19)
  Perceived risk 96 0.00-100 33.62 (25.12; 28.44-38.79)
  Attitude 96 16.67-100 78.42 (18.09; 74.74-82.11)
  Intention to use 96 16.67-100 79.53 (20.83; 75.21-83.84)

aTherapists who do not assign homework rated the perceived usefulness of homework significantly lower than those who did assign homework. Thus,
the perceived usefulness of homework for therapists only includes therapists who do assign homework. Differences in sample sizes across therapist
measures reflect optional responses and occasional missing data.
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Regression Results
Panel A of Table 2 presents regression results with perceived
usefulness (total), perceived ease-of-use, and perceived risk
predicting attitude toward or intention to use Yosa, respec-
tively. For attitude, the model explained 80% of the variance
(R²=0.80; adjusted R²=0.77; P=.01). Perceived usefulness
(total) was a positive predictor of attitude (b=0.55, SE=0.08;
P=.01), and perceived risk was a negative predictor (b=−0.29,

SE=0.08; P=.01), whereas perceived ease-of-use was not a
significant predictor (b=0.16, SE=0.14; P=.25). For intention
to use, the model also explained 80% of the variance (R²=.80;
adjusted R²=0.77; P=.01). Perceived usefulness (total) was
the only significant predictor of intention to use (b=1.14,
SE=0.13; P=.01); perceived ease-of-use and perceived risk
were not significant predictors (b=0.29, SE=0.26, P=.27;
b=−0.20, SE=0.15, P=.19, respectively).

Table 2. Regression analyses of Technology Acceptance Model (TAM) predictors of attitude and intention to use Yosaa.
bb (SE, 95% CI) P value

Panel A: therapists
  Attitude toward Yosa (R2=0.80)
   Intercept 32.43 (12.53, 6.51 to 58.35) .02c

   Perceived usefulness (total) 0.55 (0.08, 0.39 to 0.71) .01c

   Perceived ease-of-use 0.16 (0.14, −0.12 to 0.44) .25
   Perceived risk −0.29 (0.08, −0.45 to −0.13) .01c

  Intention to use Yosa (R2=0.80)
   Intercept −44.34 (23.83, −93.53 to 4.85) .08
   Perceived usefulness (total) 1.14 (0.13, 0.87 to 1.40) .01c

   Perceived ease-of-use 0.29 (0.26, −0.25 to 0.83) .27
   Perceived risk −0.20 (0.15, −0.50 to 0.10) .19
Panel B: patients
  Attitude toward Yosa (R2=0.69)
   Intercept 33.19 (9.23, 14.83 to 51.55) .01c

   Perceived usefulness (total) 0.61 (0.06, 0.48 to 0.73) .01c

   Perceived ease-of-use 0.06 (0.09, −0.11 to 0.24) .45
   Perceived risk −0.21 (0.05, −0.31 to −0.11) .01c

  Intention to use Yosa (R2=0.66)
   Intercept 40.01 (12.22, 15.72 to 64.30) .01c

   Perceived usefulness (total) 0.81 (0.08, 0.65 to 0.97) .01c

   Perceived ease-of-use −0.21 (0.11, −0.43 to 0.01) .06
   Perceived risk −0.19 (0.07, −0.32 to −0.06) .01c

aPredictors were entered simultaneously in multiple regression models.
b“b” refers to the unstandardized regression coefficient.
cSignificant P value.

Study 2

Descriptive Statistics
After excluding those who completed the survey unusu-
ally quickly or failed attention checks, 100 participants
completed the survey. Four participants were not current
therapy patients, bringing the final sample to 96 partici-
pants. Multimedia Appendix 4 provides summary statistics
on the demographic information of participants. The mean
age was 37 (SD 11.18) years. The majority of participants
were women (n=60, 61%), identified as White or European
American (n=55, 57%), and had obtained a bachelor’s degree
(n=40, 42%). The majority of participants received cognitive
behavioral therapy (n=60, 63%), attended a private practice
(n=77, 80%), and had used a mental health app before (n=55,
57%). Receiving therapy in-person or remotely was approxi-

mately evenly split. Notably, the vast majority of participants
were assigned homework in therapy (n=89, 93%).

Multimedia Appendix 7 provides descriptive statistics on
homework-related variables for patients who were assigned
homework (89/96). Among patients who were assigned
homework, frequency of assigned homework varied, with the
most common frequency being every few sessions (n=40/89,
44.9%). Furthermore, patients who were assigned homework
estimated, on average, that they completed 72% of assign-
ments. Homework delivery methods included paper, email,
and oral instruction, with just 5 (6%) participants reporting
other methods.

Key Measures
Descriptive and summary statistics of key measures for
patients are shown in Table 1. Overall, patients reported
favorable perceptions of Yosa across all domains, with mean
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scores well above the neutral midpoint (50). Ratings of
perceived usefulness of the homework feature (mean 76.87,
SD 16.75; 95% CI 73.34-80.40), therapy journal (mean 75.89,
SD 18.16; 95% CI 72.21-79.57), and overall app (mean
77.10, SD 18.56; 95% CI 73.34-80.86) were high. Perceived
ease-of-use (mean 85.58, SD 12.90; 95% CI 82.96-88.19),
attitude toward Yosa (mean 78.42, SD 18.09; 95% CI
74.74-82.11), and intention to use (mean 79.53, SD 20.83;
95% CI 75.21-83.84) were also notably high. Perceived risk
(mean 33.62, SD 25.12; 95% CI 28.44-38.79) was relatively
higher compared to other domains, though still below the
midpoint.

Regression Results
Panel B of Table 2 presents the patient regressions with
perceived usefulness (total), perceived ease-of-use, and
perceived risk predicting attitude or intention to use Yosa,
respectively. For attitude, the model explained 69% of the
variance (R²=0.69; adjusted R²=0.68). Perceived usefulness
(total) was a positive predictor of attitude (b=0.61, SE=0.06;
P=.01), and perceived risk was a negative predictor (b=−0.21,
SE=0.05; P=.01), whereas perceived ease-of-use was not a
significant predictor (b=0.06, SE=0.09; P=.45). For intention
to use, the model explained 66% of the variance (R²=0.66;
adjusted R²=0.65). Perceived usefulness (total) was a positive
predictor of intention to use (b=0.81, SE=0.08; P=.01), and
perceived risk was a negative predictor (b=−0.19, SE=0.07;
P=.01); perceived ease-of-use had a trend-level relation with
intention to use (b=−0.21, SE=0.11; P=.06).
Qualitative Data
Multimedia Appendix 8 presents the thematic analysis results
among therapists and patients. Thirty-five therapists provided
comments, which were categorized into 6 themes: additional
features (n=14), general homework efficacy problems (n=12),
data privacy concerns (n=7), enhanced patient monitoring
(n=4), positive feedback (n=4), and enhanced user experience
(n=2). Sixty-five patients provided comments, which were
categorized into seven themes: positive feedback (n=24),
enhanced user experience (n=13), additional features (n=13),
general homework efficacy problems (n=6), data privacy
concerns (n=6), refining existing features (n=5), and help
resources (n=2). Because individual comments sometimes
addressed multiple ideas and could be assigned to multiple
themes, theme counts exceed the number of unique com-
ments. Representative sample quotes for each theme are
provided in Multimedia Appendix 8.

Discussion
Principal Findings
This study’s exploration of Yosa’s acceptability highlights
a potential advancement in integrating mHealth technology
within therapeutic practices, particularly offering a prom-
ising path for improving homework delivery and comple-
tion. Patients reported favorable perceptions of Yosa across
all domains, while therapists also rated several features
positively. Specifically, both groups rated the perceived

usefulness of the therapy journal and overall app, ease of
use, and attitudes toward Yosa highly, with mean scores
well above the neutral midpoint. However, therapists reported
comparatively lower ratings of the perceived usefulness
of the homework feature and intention to use, whereas
patients reported more favorable ratings across these domains.
Perceived risk was higher relative to other constructs for both
groups, indicating an area for improvement.

Therapists’ lower intention to use ratings compared to
patients may reflect the habits and routines developed through
years of delivering therapy in established ways. Patients, in
contrast, may be less anchored to a single model of how
therapy should look, making them more open to adopting
tools like Yosa. Resistance to adopting new technology
is common, particularly when transitioning from conven-
tional to modernized methods requires additional effort [27].
Reducing workflow frictions and conducting future studies
demonstrating evidence-based benefits of Yosa over current
therapeutic methods may be crucial in bolstering Yosa’s
credibility and increasing therapists’ interest in adopting the
technology. Financial incentives through remote therapeutic
monitoring billing codes may also be an important part of
adoption not captured in this study [28].

Inconsistent with hypotheses, perceived risk was rela-
tively higher for both groups, suggesting a need to address
security concerns. Improving transparency around patient
health information (PHI) protections, such as obtaining
Health Insurance Portability and Accountability Act (HIPAA)
compliance, may help alleviate these concerns [29]. Addition-
ally, peer influence plays a role in technology adoption [30],
and therapists may serve as key “opinion leaders” for patients
[31]. Since patients in this study did not receive therapist
endorsements of Yosa, real-world adoption may differ if
therapists specifically recommend the app to a patient during
treatment.

Notably, nearly nine out of ten therapists reported drawing
on two or more therapeutic approaches (eg, cognitive
behavioral therapy and acceptance and commitment therapy),
underscoring the value of Yosa’s flexibility. Because Yosa
is not restricted to any one therapy type, it may provide
an advantage over many existing homework apps that are
confined to a single treatment model. By supporting diverse
assignments, Yosa may be well-positioned to meet the
real-world needs of practitioners who blend techniques to suit
individual patients or adapt their approach based on present-
ing problems. Although prior work has explored tracking and
self-monitoring features in digital health tools [6,8], Yosa
extends these functions by integrating homework delivery,
therapy journaling, therapist feedback, and between-session
support within a flexible psychotherapy-oriented platform.

The regression analyses showed that the regression models
based on TAM constructs explained a large proportion of the
variability in both stakeholders’ attitudes toward Yosa and
their willingness to use it, suggesting these TAM constructs
were strongly associated with attitudes toward and intention
to use Yosa in this sample. Though a formal analysis was
not conducted to compare the strength of predictors in the
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TAM regression models, perceived usefulness (total) seemed
to have a particularly strong relationship with attitude and
intention to use for both patients and therapists. Although
these results do not necessarily support causality, the TAM
posits that perceived usefulness is a key determinant of
intention to use [20]. As such, increasing Yosa’s perceived
usefulness may be especially important to increase adoption.
Thus, the Yosa team should prioritize developing its utility,
and the qualitative feedback gathered in this study offers clear
guidance on where to focus.

Interestingly, perceived ease of use was not a significant
predictor of attitude, and only perceived usefulness emerged
as a consistent predictor of intention to use. One possible
explanation is the high overall ratings of ease of use, which
may have limited variability and reduced its predictive power.
Additionally, participants evaluated Yosa based on video
demonstrations rather than direct interaction, which may have
made it more difficult to meaningfully assess usability. It
is also possible that in early-stage evaluations, participants
prioritize whether a tool appears beneficial over considera-
tions of usability or risk, which may become more salient
during real-world use.

Thematic analysis of qualitative feedback from therapists
and patients revealed insights into Yosa’s strengths and areas
for improvement. Many content suggestions were provided,
including the addition of more trackers, validated measures
like the Patient Health Questionnaire–9 [32] and General-
ized Anxiety Disorder–7 [33], and notifications or remind-
ers. Usability issues regarding the PDF format of homework
assignments were mentioned multiple times, with suggestions
for improvement, such as making homework assignments
be fillable and shareable with therapists. Integration with
electronic health record systems was also suggested multi-
ple times by therapists. Additionally, privacy concerns were
prevalent, especially among therapists. The app’s esthetics
and user interface generally received positive feedback, with
the suggestion to incorporate more animations and illustra-
tions.

Beyond identifying specific feature requests, the quali-
tative findings also suggest several potential mechanisms
underlying participants’ favorable perceptions of Yosa.
Many responses point to the importance of convenience
and reducing barriers to completing therapeutic activities,
particularly by making tools more accessible and integrated
into daily life. Comments emphasizing simplicity, usability,
and replacing static formats (eg, PDFs) with interactive
features suggest that reducing friction may be a key fac-
tor in perceived usefulness. Although prior work on digi-
tal mental health tools has often emphasized engagement,
symptom tracking, or gamification, the present findings
suggest that reducing practical barriers and friction in
homework completion may also be central to perceived
acceptability and willingness to use digital therapy tools. This
may represent an important consideration for future digital
mental health intervention design. Together, these findings
suggest that Yosa’s appeal may stem from its ability to make
therapy tasks more manageable, accessible, and integrated
into everyday routines.

Overall, this study provides preliminary evidence of the
acceptability and potential demand for Yosa as a digi-
tal health tool for therapists and patients, warranting its
development into a fully functional app. Given the well-
established connection between homework completion and
better therapy outcomes, and the fact that patients complete
only about half of the homework assigned to them [13],
Yosa’s potential ability to keep patients engaged between
sessions and enhance homework completion could meaning-
fully improve patient outcomes.
Strengths and Limitations
There are many strengths of this study. Engagement with
diverse stakeholders is considered essential for successful
mental health interventions [34]. Thus, perhaps the most
important strength of the study is the input from both
therapists and patients. By gathering data from each, this
study offers a more comprehensive perspective on the
acceptability and potential adoption of Yosa. This allows for a
nuanced understanding of the app’s potential impact across
treatment, distinguishing it from other technology evalua-
tions, which typically assess only one stakeholder group [16].
Additionally, integrating a comments section for qualitative
feedback enhanced the design by complementing numerical
measures of Yosa’s acceptability with nuanced reflections on
Yosa’s strengths, weaknesses, and areas for improvement. We
strengthened this design by recruiting 2 independent coders
to conduct the qualitative analysis, helping preserve objectiv-
ity and reduce bias. Furthermore, to improve transparency
and reduce potential bias related to the founder’s involve-
ment, survey responses were anonymized, participants were
informed that responses would remain confidential, and the
second author independently supervised and reviewed the
study design, analyses, and interpretation of findings. Finally,
the use of Prolific for data collection in study 2, which is
praised for its high quality [25], allowed for a fairly diverse
sample in age, race, and gender, enhancing the external
validity of findings. Attention checks and the exclusion of
participants with unusually fast completions also increased
data integrity in study 2.

Despite numerous strengths, the limitations of the study
are also acknowledged. Study 1 relied on convenience
sampling through professional networks, which may limit
external validity and increase the risk of response bia-
ses, including demand characteristics and social desirability
effects. To help mitigate these concerns, participants were
informed that responses would be anonymized, only the
research team would have access to the data, participation
was voluntary, and withdrawal was permitted at any time
without penalty. Nonetheless, favorable response bias remains
possible. Furthermore, the samples of therapists in study 1
and patients in study 2 were predominantly White, limit-
ing generalizability to underrepresented groups. Additionally,
the sample was skewed toward individuals receiving care
in private practice settings and slightly toward those with
prior experience using mental health apps, which may limit
generalizability. Participants receiving care in private practice
may also have relatively greater socioeconomic resources and
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greater access to, or familiarity with, smartphone technology
than other therapy patients, which may have contributed
to more favorable perceptions of Yosa. Similarly, partici-
pants with prior experience using digital mental health tools
may have been more comfortable adopting new technolo-
gies, potentially inflating acceptability ratings. Next, although
this study was guided by the TAM, it did not formally
test the full structural pathways specified by TAM using
structural equation modeling. Given the modest sample size,
particularly for the therapist sample, the analyses focused
on regression-based associations among constructs. Future
research with larger samples should test the full TAM
structural model more directly.

Additionally, participants evaluated Yosa based on video
demonstrations rather than direct interaction with the app. As
a result, findings reflect perceived acceptability and hypo-
thetical intention to use rather than actual behavior, and
real-world usability may differ once users interact with the
fully functional application. Accordingly, findings should be
interpreted as perceptions of anticipated usefulness, ease of
use, risk, attitudes, and intention to use based on descrip-
tions and demonstrations of Yosa rather than direct user
experience with the application. Future studies should also
examine how perceptions of usefulness, ease of use, and risk
change following sustained real-world interaction with the
application, as these perceptions may evolve during actual
clinical use. Another limitation of study 1 was nonmanda-
tory responses, leading to missing data, potential nonres-
ponse bias, and reduced statistical power, which affected
estimate reliability. Study 2 corrected this issue by requir-
ing responses for all questions. In study 2, while attention
and duration checks helped ensure that the data included in
the study represented participants who were attentive and
engaged with the study material, there was no way to verify
if respondents fully watched the video demonstrations. If
participants skipped or partially viewed the videos, their
responses might not accurately reflect informed perspectives
on Yosa. Next, as comments were optional, the qualitative
data are susceptible to nonresponse bias. Additionally, the
sample sizes, particularly for the therapist sample (N=45),

may limit statistical power, especially for regression analyses.
Although we were able to detect statistically significant
effects in these models, the smaller sample sizes may have
reduced our ability to detect more modest associations and
increased the risk of Type II error. Additionally, the relatively
high R² values observed in the regression models should
be interpreted cautiously. Because all TAM constructs were
assessed using self-report measures within the same cross-
sectional survey, shared method variance and conceptual
overlap among constructs may have inflated associations
between variables. Finally, priming can significantly affect
risk assessments. Drawing attention to potential risks of Yosa
may have induced feelings of perceived risk. If this was the
case, results would be biased toward increased perception of
risk.
Future Research Directions
This study lays the foundation for several future research
directions. Since conducting this study, the Yosa team has
developed a fully functional mobile app for patients and
a web portal for therapists, incorporating iterative improve-
ments based on user feedback from this research (see
Multimedia Appendix 9 and Multimedia Appendix 10 for
demonstrations of the updated applications). Enhancements
include gamification, animations, fillable and customized
worksheets, meditation, breathing exercises, a library of
therapeutic worksheets (eg, thought records), improved
usability, customization, and enhanced monitoring features
for therapists. Notably, both the app and web portal have been
developed in alignment with HIPAA standards.

Future research should involve a clinical trial with a
treatment group of patients in therapy using Yosa and a
control group of patients in therapy not using Yosa to
evaluate Yosa’s impact on engagement between sessions and
therapeutic outcomes. Promising results may increase user
confidence, trust, and adoption of this tool. As Yosa continues
to evolve, ongoing user feedback and iterative improvement
will be critical to guide its development toward greater
acceptability and, ultimately, effectiveness in mental health
care.

Acknowledgments
The authors thank the participants for their time and valuable contributions to this study. The authors also acknowledge the
support of Williams College in facilitating this research. No generative AI tools were used in the analysis or generation of
study content. OpenAI’s ChatGPT was used solely for minor language editing during manuscript preparation and for assistance
with generating and troubleshooting code used in the analyses. All content was reviewed and verified by the authors, who take
full responsibility for the final manuscript.
Funding
This research was supported by institutional funds from Williams College, which funded participant compensation. The funder
had no role in study design, data collection, analysis, writing of the report, or decision to submit the article for publication.
Data Availability
The datasets generated and analyzed during this study are not publicly available due to privacy restrictions, but deidentified
versions are available from the corresponding author upon reasonable request.
Authors’ Contributions
Conceptualization: AW, RC
Data curation: AW

JMIR FORMATIVE RESEARCH Williams & Crochiere

https://formative.jmir.org/2026/1/e86214 JMIR Form Res 2026 | vol. 10 | e86214 | p. 10
(page number not for citation purposes)

https://formative.jmir.org/2026/1/e86214


Formal analysis: AW
Investigation: AW
Methodology: AW, RC
Supervision: AW, RC
Writing–original draft: AW
Writing–review & editing: AW, RC
Conflicts of Interest
AW is the founder of Yosa Inc, the company that developed the app studied. RC reports no conflicts of interest.
Multimedia Appendix 1
Screenshots and feature descriptions of the Yosa mobile health (mHealth) application used in this study.
[DOCX File (Microsoft Word File), 607 KB-Multimedia Appendix 1]

Multimedia Appendix 2
Survey items used to assess Technology Acceptance Model constructs in study 1 (therapists) and study 2 (patients).
[DOCX File (Microsoft Word File), 27 KB-Multimedia Appendix 2]

Multimedia Appendix 3
Correlation matrix for primary study constructs in study 1 (therapists) and study 2 (patients).
[DOCX File (Microsoft Word File), 25 KB-Multimedia Appendix 3]

Multimedia Appendix 4
Participant demographic characteristics in study 1 (therapists) and study 2 (patients).
[DOCX File (Microsoft Word File), 40 KB-Multimedia Appendix 4]

Multimedia Appendix 5
Descriptive statistics of therapists that assign homework.
[DOCX File (Microsoft Word File), 33 KB-Multimedia Appendix 5]

Multimedia Appendix 6
Participant flow diagram and exclusion criteria for study 1 and study 2.
[DOCX File (Microsoft Word File), 50 KB-Multimedia Appendix 6]

Multimedia Appendix 7
Descriptive statistics of patients assigned homework.
[DOCX File (Microsoft Word File), 33 KB-Multimedia Appendix 7]

Multimedia Appendix 8
Qualitative themes and representative quotes from study 1 and study 2.
[DOCX File (Microsoft Word File), 26 KB-Multimedia Appendix 8]

Multimedia Appendix 9
Video demonstration of the current version of the Yosa mobile application, reflecting updates made following therapist and
patient feedback gathered in the feasibility and acceptability study reported in this manuscript.
[MP4 File (MP4 video File), 10071 KB-Multimedia Appendix 9]

Multimedia Appendix 10
Video demonstration of the current version of the Yosa therapist web portal, reflecting updates made following therapist and
patient feedback gathered in the feasibility and acceptability study reported in this manuscript.
[MP4 File (MP4 video File), 11778 KB-Multimedia Appendix 10]

Checklist 1
STROBE checklist.
[DOCX File (Microsoft Word File), 44 KB-Checklist 1]

JMIR FORMATIVE RESEARCH Williams & Crochiere

https://formative.jmir.org/2026/1/e86214 JMIR Form Res 2026 | vol. 10 | e86214 | p. 11
(page number not for citation purposes)

https://jmir.org/api/download?alt_name=formative_v10i1e86214_app1.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app1.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app2.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app2.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app3.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app3.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app4.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app4.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app5.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app5.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app6.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app6.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app7.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app7.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app8.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app8.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app9.mp4
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app9.mp4
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app10.mp4
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app10.mp4
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app11.docx
https://jmir.org/api/download?alt_name=formative_v10i1e86214_app11.docx
https://formative.jmir.org/2026/1/e86214


References
1. Bandelow B, Reitt M, Röver C, Michaelis S, Görlich Y, Wedekind D. Efficacy of treatments for anxiety disorders: a

meta-analysis. Int Clin Psychopharmacol. Jul 2015;30(4):183-192. [doi: 10.1097/YIC.0000000000000078] [Medline:
25932596]

2. Cuijpers P, Karyotaki E, Ciharova M, Miguel C, Noma H, Furukawa TA. The effects of psychotherapies for depression
on response, remission, reliable change, and deterioration: a meta-analysis. Acta Psychiatr Scand. Sep
2021;144(3):288-299. [doi: 10.1111/acps.13335] [Medline: 34107050]

3. Södersten P, Bergh C, Leon M, Brodin U, Zandian M. Cognitive behavior therapy for eating disorders versus
normalization of eating behavior. Physiol Behav. May 15, 2017;174:178-190. [doi: 10.1016/j.physbeh.2017.03.016]
[Medline: 28322911]

4. Mausbach BT, Moore R, Roesch S, Cardenas V, Patterson TL. The relationship between homework compliance and
therapy outcomes: an updated meta-analysis. Cognit Ther Res. Oct 2010;34(5):429-438. [doi: 10.1007/s10608-010-
9297-z] [Medline: 20930925]

5. Kazantzis N, Dattilio FM, Cummins A, Clayton X. Homework assignments and self‐monitoring. In: The Wiley
Handbook of Cognitive Behavioral Therapy. Wiley; 2013:311-330. [doi: 10.1002/9781118528563]

6. Tang W, Kreindler D. Supporting homework compliance in cognitive behavioural therapy: essential features of mobile
apps. JMIR Ment Health. Jun 8, 2017;4(2):e20. [doi: 10.2196/mental.5283] [Medline: 28596145]

7. Kazantzis N, Dattilio FM. Definitions of homework, types of homework, and ratings of the importance of homework
among psychologists with cognitive behavior therapy and psychoanalytic theoretical orientations. J Clin Psychol. Jul
2010;66(7):758-773. [doi: 10.1002/jclp.20699] [Medline: 20527055]

8. Chen JA, Fearey E, Smith RE. “That which is measured improves”: a theoretical and empirical review of self-monitoring
in self-management and adaptive behavior change. J Behav Ther Ment Health. 2017;1(4):19-38. [doi: 10.14302/issn.
2474-9273.jbtm-16-1180]

9. Cowan MJ, Freedland KE, Burg MM, et al. Predictors of treatment response for depression and inadequate social
support--the ENRICHD randomized clinical trial. Psychother Psychosom. 2008;77(1):27-37. [doi: 10.1159/000110057]
[Medline: 18087205]

10. Rees CS, McEvoy P, Nathan PR. Relationship between homework completion and outcome in cognitive behaviour
therapy. Cogn Behav Ther. 2005;34(4):242-247. [doi: 10.1080/16506070510011548] [Medline: 16319035]

11. Mueser KT, Rosenberg SD, Xie H, et al. A randomized controlled trial of cognitive-behavioral treatment for
posttraumatic stress disorder in severe mental illness. J Consult Clin Psychol. Apr 2008;76(2):259-271. [doi: 10.1037/
0022-006X.76.2.259] [Medline: 18377122]

12. Kazantzis N, Whittington C, Dattilio F. Meta-analysis of homework effects in cognitive and behavioral therapy: a
replication and extension. Clin Psychol Sci Pract. 2010;17(2):144-156. [doi: 10.1111/j.1468-2850.2010.01204.x]

13. Gaynor ST, Lawrence PS, Nelson-Gray RO. Measuring homework compliance in cognitive-behavioral therapy for
adolescent depression: review, preliminary findings, and implications for theory and practice. Behav Modif. Sep
2006;30(5):647-672. [doi: 10.1177/0145445504272979] [Medline: 16894234]

14. Bunnell BE, Nemeth LS, Lenert LA, et al. Barriers associated with the implementation of homework in youth mental
health treatment and potential mobile health solutions. Cognit Ther Res. Apr 2021;45(2):272-286. [doi: 10.1007/s10608-
020-10090-8] [Medline: 34108776]

15. Mobile fact sheet. Pew Research Center. Nov 20, 2025. URL: https://www.pewresearch.org/internet/fact-sheet/mobile/
[Accessed 2025-10-18]

16. Maramba I, Chatterjee A, Newman C. Methods of usability testing in the development of eHealth applications: a scoping
review. Int J Med Inform. Jun 2019;126:95-104. [doi: 10.1016/j.ijmedinf.2019.03.018] [Medline: 31029270]

17. Weichbroth P. Usability testing of mobile applications: a methodological framework. Appl Sci. 2024;14(5):1792. [doi:
10.3390/app14051792]

18. Hajesmaeel-Gohari S, Khordastan F, Fatehi F, Samzadeh H, Bahaadinbeigy K. The most used questionnaires for
evaluating satisfaction, usability, acceptance, and quality outcomes of mobile health. BMC Med Inform Decis Mak. Jan
27, 2022;22(1):22. [doi: 10.1186/s12911-022-01764-2] [Medline: 35081953]

19. Lewis JR. Comparison of four TAM item formats: effect of response option labels and order. J Usability Stud.
2019;14(4):224-236. URL: https://www.researchgate.net/publication/340416809_Comparison_of_Four_TAM_Item_
Formats_Effect_of_Response_Option_Labels_and_Order [Accessed 2026-07-14]

20. Davis FD. Perceived usefulness, perceived ease of use, and user acceptance of information technology. MIS Q. Sep 1,
1989;13(3):319-340. [doi: 10.2307/249008]

JMIR FORMATIVE RESEARCH Williams & Crochiere

https://formative.jmir.org/2026/1/e86214 JMIR Form Res 2026 | vol. 10 | e86214 | p. 12
(page number not for citation purposes)

https://doi.org/10.1097/YIC.0000000000000078
http://www.ncbi.nlm.nih.gov/pubmed/25932596
https://doi.org/10.1111/acps.13335
http://www.ncbi.nlm.nih.gov/pubmed/34107050
https://doi.org/10.1016/j.physbeh.2017.03.016
http://www.ncbi.nlm.nih.gov/pubmed/28322911
https://doi.org/10.1007/s10608-010-9297-z
https://doi.org/10.1007/s10608-010-9297-z
http://www.ncbi.nlm.nih.gov/pubmed/20930925
https://doi.org/10.1002/9781118528563
https://doi.org/10.2196/mental.5283
http://www.ncbi.nlm.nih.gov/pubmed/28596145
https://doi.org/10.1002/jclp.20699
http://www.ncbi.nlm.nih.gov/pubmed/20527055
https://doi.org/10.14302/issn.2474-9273.jbtm-16-1180
https://doi.org/10.14302/issn.2474-9273.jbtm-16-1180
https://doi.org/10.1159/000110057
http://www.ncbi.nlm.nih.gov/pubmed/18087205
https://doi.org/10.1080/16506070510011548
http://www.ncbi.nlm.nih.gov/pubmed/16319035
https://doi.org/10.1037/0022-006X.76.2.259
https://doi.org/10.1037/0022-006X.76.2.259
http://www.ncbi.nlm.nih.gov/pubmed/18377122
https://doi.org/10.1111/j.1468-2850.2010.01204.x
https://doi.org/10.1177/0145445504272979
http://www.ncbi.nlm.nih.gov/pubmed/16894234
https://doi.org/10.1007/s10608-020-10090-8
https://doi.org/10.1007/s10608-020-10090-8
http://www.ncbi.nlm.nih.gov/pubmed/34108776
https://www.pewresearch.org/internet/fact-sheet/mobile/
https://doi.org/10.1016/j.ijmedinf.2019.03.018
http://www.ncbi.nlm.nih.gov/pubmed/31029270
https://doi.org/10.3390/app14051792
https://doi.org/10.1186/s12911-022-01764-2
http://www.ncbi.nlm.nih.gov/pubmed/35081953
https://www.researchgate.net/publication/340416809_Comparison_of_Four_TAM_Item_Formats_Effect_of_Response_Option_Labels_and_Order
https://www.researchgate.net/publication/340416809_Comparison_of_Four_TAM_Item_Formats_Effect_of_Response_Option_Labels_and_Order
https://doi.org/10.2307/249008
https://formative.jmir.org/2026/1/e86214


21. Vahdat A, Alizadeh A, Quach S, Hamelin N. Would you like to shop via mobile app technology? The technology
acceptance model, social factors and purchase intention. Australas Mark J. May 2021;29(2):187-197. [doi: 10.1016/j.
ausmj.2020.01.002]

22. Featherman MS, Pavlou PA. Predicting e-services adoption: a perceived risk facets perspective. Int J Hum Comput Stud.
Oct 2003;59(4):451-474. [doi: 10.1016/S1071-5819(03)00111-3]

23. Taylor S, Todd PA. Understanding information technology usage: a test of competing models. Inf Syst Res. Jun
1995;6(2):144-176. [doi: 10.1287/isre.6.2.144]

24. Kim C, Mirusmonov M, Lee I. An empirical examination of factors influencing the intention to use mobile payment.
Comput Human Behav. May 2010;26(3):310-322. [doi: 10.1016/j.chb.2009.10.013]

25. Douglas BD, Ewell PJ, Brauer M. Data quality in online human-subjects research: comparisons between MTurk,
Prolific, CloudResearch, Qualtrics, and SONA. PLoS One. 2023;18(3):e0279720. [doi: 10.1371/journal.pone.0279720]
[Medline: 36917576]

26. Graham JW. Missing data analysis: making it work in the real world. Annu Rev Psychol. 2009;60(1):549-576. [doi: 10.
1146/annurev.psych.58.110405.085530] [Medline: 18652544]

27. Rogers EM. Diffusion of Innovations. 5th ed. Free Press; 2003. ISBN: 9780743222099
28. Ekekezie O, Hartstein GL, Torous J. Expanding mental health care access-remote therapeutic monitoring for cognitive

behavioral therapy. JAMA Health Forum. Sep 1, 2023;4(9):e232954. [doi: 10.1001/jamahealthforum.2023.2954]
[Medline: 37713208]

29. McGraw D, Dempsey JX, Harris L, Goldman J. Privacy as an enabler, not an impediment: building trust into health
information exchange. Health Aff (Millwood). 2009;28(2):416-427. [doi: 10.1377/hlthaff.28.2.416] [Medline:
19275998]

30. Bailey M, Johnston D, Kuchler T, Stroebel J, Wong A. Peer effects in product adoption. National Bureau of Economic
Research (NBER); 2019. URL: https://www.nber.org/system/files/working_papers/w25843/w25843.pdf [Accessed
2026-06-30]

31. Iyengar R, Van den Bulte C, Eichert J, West B. How social network and opinion leaders affect the adoption of new
products. GfK Mark Intell Rev. 2011;3(1):16-25. [doi: 10.2478/gfkmir-2014-0052]

32. Kroenke K, Spitzer RL, Williams JB. The PHQ-9: validity of a brief depression severity measure. J Gen Intern Med. Sep
2001;16(9):606-613. [doi: 10.1046/j.1525-1497.2001.016009606.x] [Medline: 11556941]

33. Spitzer RL, Kroenke K, Williams JBW, Löwe B. A brief measure for assessing generalized anxiety disorder: the GAD-7.
Arch Intern Med. May 22, 2006;166(10):1092-1097. [doi: 10.1001/archinte.166.10.1092] [Medline: 16717171]

34. Murphy J, Qureshi O, Endale T, et al. Barriers and drivers to stakeholder engagement in global mental health projects.
Int J Ment Health Syst. Apr 3, 2021;15(1):30. [doi: 10.1186/s13033-021-00458-y] [Medline: 33812375]

Abbreviations
HIPAA: Health Insurance Portability and Accountability Act
mHealth: mobile health
PHI: Protected Health Information
STROBE: Strengthening the Reporting of Observational Studies in Epidemiology
TAM: Technology Acceptance Model

Edited by Amaryllis Mavragani; peer-reviewed by Andreas Eisingerich, Shan Jiang; submitted 30.Oct.2025; final revised
version received 31.May.2026; accepted 22.Jun.2026; published 16.Jul.2026

Please cite as:
Williams A, Crochiere R
Acceptability of Yosa, an mHealth App for Between-Session Therapy Support Among Patients and Therapists: Cross-Sec-
tional Survey Study
JMIR Form Res 2026;10:e86214
URL: https://formative.jmir.org/2026/1/e86214
doi: 10.2196/86214

© Andrew Williams, Rebecca Crochiere. Originally published in JMIR Formative Research (https://formative.jmir.org),
16.Jul.2026. This is an open-access article distributed under the terms of the Creative Commons Attribution License (https://
creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any medium, provided

JMIR FORMATIVE RESEARCH Williams & Crochiere

https://formative.jmir.org/2026/1/e86214 JMIR Form Res 2026 | vol. 10 | e86214 | p. 13
(page number not for citation purposes)

https://doi.org/10.1016/j.ausmj.2020.01.002
https://doi.org/10.1016/j.ausmj.2020.01.002
https://doi.org/10.1016/S1071-5819(03)00111-3
https://doi.org/10.1287/isre.6.2.144
https://doi.org/10.1016/j.chb.2009.10.013
https://doi.org/10.1371/journal.pone.0279720
http://www.ncbi.nlm.nih.gov/pubmed/36917576
https://doi.org/10.1146/annurev.psych.58.110405.085530
https://doi.org/10.1146/annurev.psych.58.110405.085530
http://www.ncbi.nlm.nih.gov/pubmed/18652544
https://doi.org/10.1001/jamahealthforum.2023.2954
http://www.ncbi.nlm.nih.gov/pubmed/37713208
https://doi.org/10.1377/hlthaff.28.2.416
http://www.ncbi.nlm.nih.gov/pubmed/19275998
https://www.nber.org/system/files/working_papers/w25843/w25843.pdf
https://doi.org/10.2478/gfkmir-2014-0052
https://doi.org/10.1046/j.1525-1497.2001.016009606.x
http://www.ncbi.nlm.nih.gov/pubmed/11556941
https://doi.org/10.1001/archinte.166.10.1092
http://www.ncbi.nlm.nih.gov/pubmed/16717171
https://doi.org/10.1186/s13033-021-00458-y
http://www.ncbi.nlm.nih.gov/pubmed/33812375
https://formative.jmir.org/2026/1/e86214
https://doi.org/10.2196/86214
https://formative.jmir.org
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://formative.jmir.org/2026/1/e86214


the original work, first published in JMIR Formative Research, is properly cited. The complete bibliographic information, a
link to the original publication on https://formative.jmir.org, as well as this copyright and license information must be included.

JMIR FORMATIVE RESEARCH Williams & Crochiere

https://formative.jmir.org/2026/1/e86214 JMIR Form Res 2026 | vol. 10 | e86214 | p. 14
(page number not for citation purposes)

https://formative.jmir.org
https://formative.jmir.org/2026/1/e86214

	Acceptability of Yosa, an mHealth App for Between-Session Therapy Support Among Patients and Therapists: Cross-Sectional Survey Study
	Introduction
	Background
	Study Objectives

	Methods
	Study 1
	Study 2

	Results
	Study 1
	Study 2
	Qualitative Data

	Discussion
	Principal Findings
	Strengths and Limitations
	Future Research Directions



