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Abstract

Background: Acceptance of health care professionalsisof paramount importance for the uptake and implementation of eHealth.
The Unified Theory of Acceptance and Use of Technology (UTAUT) model isawidely used framework for studying health care
professionals acceptance and actual use of eHealth among general client populations. However, there is limited understanding
of the eHealth acceptance of health care professionals working with people with intellectual disabilities (ID).

Objective: This study aimed to explore the applicability of the UTAUT model toward understanding the acceptance, intention
to use, and actual use of eHealth among support staff and therapists working with people with ID.

Methods: A total of 2 cross-sectiona survey studies were conducted among health care professionals from 5 health care
organizations for people with ID in the Netherlands in 2018 (n=311) and in 2021 during the COVID-19 pandemic (n=326). In
addition to confirmatory and exploratory factor analyses to evaluate both the original UTAUT model and an extended version,
descriptive analysis was used to explore participants characteristics, acceptance levels, and eHealth usage. Moderator analysis
and multiple regression analysis were also used.

Results: A confirmatory factor analysis indicated a poor fit for both the original 4-factor UTAUT model and the extended
version. An exploratory factor analysiswas then conducted, resulting in amore satisfactory 5-factor model after removing 1 item
with afactor loading <.40. Internal consistency of the 5 factors ranged from acceptabl e to good (Cronbach a=.76-.85). Collectively,
all factors predicted the intention to use eHealth in 2018 (R°=0.47; Fs 305=54.885; P<.001) and in 2021 (RP=0.43; Fs5320=49.32,
P<.001). Participants scored moderately on all 5 acceptance factorsin both 2018 and 2021. Moderator analysisindicated that age
and voluntariness influence the relationship between factors that determined acceptance and intention to use eHealth.
Conclusions: The findings from 2 cross-sectional studies conducted in 2018 and 2021, using an extended UTAUT model, gave
a deeper understanding of eHealth acceptance among health care professionals who work with people with ID.

(IMIR Form Res 2024;8:€52788) doi: 10.2196/52788

KEYWORDS

acceptance; health care professionals; intellectual disabilities; eHealth; disability; psychological therapy; support; cross-sectional
survey

https:/formative.,jmir.org/2024/1/e52788 JMIR Form Res 2024 | vol. 8| €52788 | p. 1
(page number not for citation purposes)


mailto:c.e.m.oudshoorn@tilburguniversity.edu
http://dx.doi.org/10.2196/52788
http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR FORMATIVE RESEARCH

Introduction

Background

Hedlth care organizations areincreasingly incorporating eHedth,
a term denoting the use of technology for promoting health,
well-being, and health care [1]. This approach has aso been
adopted to provide support and psychological therapy to people
with intellectual disabilities (ID). People with ID are
characterized by significant limitations in intellectua
functioning and adaptive behavior, encompassing conceptual,
social, and practical adaptive skills [2]. The primary objective
of professional support and psychological therapy offered by
health care organizationsfor peoplewith ID isto bridge the gap
between individual capabilities and environmental demands
[2,3]. These services are delivered in various settings, including
residential and community-care environments. Giventhelifelong
and life-broad support required by peoplewith ID, professional
support playsacrucid role. Inrecent years, support and therapy
have been increasingly delivered by using digital technology
[4,5]. The use of eHedlth in health care organizations serving
people with ID, as in other health care sectors, accelerated
during the COVID-19 pandemic in 2020 [6].

While some studies report positive experiences of health care
professionals using eHealth for ongoing support or psychological
therapy during the pandemic [7,8], others identify challenges
in effectively delivering digital mental health support among
people with ID [6,9,10]. A particular concern for health care
professionalsisbuilding aworking alliance virtually [11], which
iscrucia for the perceived value of eHealth usage. Factorssuch
asdigitd literacy, availability of suitable equipment, and on-site
support from direct support staff or relativesfor people with ID
to use equipment properly also affect the willingness of health
care professionals to use eHealth [12,13].

Acceptance is likewise key in influencing heath care
professionals willingnesstoward eHealth [14], in terms of their
perception of eHealth as appropriate, feasible, and suitable for
delivering support or therapy [15,16]. Acceptance at an
individual level is associated with the intention to use eHealth
and contributes to the success or failure of eHedth
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implementation [17,18]. A commonly used theoretical model
to explain the acceptance and usage (or nonusage) of eHealth
in clinical practice is the Unified Theory of Acceptance and
Use of Technology (UTAUT) [19].

The UTAUT Model: The Role of Acceptance

The UTAUT model is a4-factor model that aggregates various
theories to explain individuals acceptance and usage of
technology [19]. While initially designed for industry and
business services [20], the model has also been applied in
various health care contexts, such asrehabilitation [21], mental
health counseling in family practices, psychotherapy, and
pediatric care [22-24].

According to the UTAUT model, 3 factors—performance
expectancy, effort expectancy, and social influence—arerelated
to the behavioral intention to use eHealth, subsequently
impacting the actual usage of eHealth. Performance expectancy
refers to health care professionals perceived added value of
eHealth, while effort expectancy representsthe ease of becoming
familiar with using eHealth applications. Socia influence
encompasses the perceived social pressure or support of
important others, such as colleagues or managers, inrelation to
the intention to use eHealth. The fourth factor in the UTAUT
model isfacilitating conditions, which directly affect the actual
usage of eHealth. Facilitating conditions relate to the extent to
which hedlth care professionals perceive the organizational
context and available technological infrastructure as supportive
of eHealth usage [19].

The correlations between performance expectancy, effort
expectancy, and socia influence with the behaviora intention
to use eHealth can be influenced by 4 moderators: gender, age,
experience, and voluntariness of eHealth use (more details in
Figure 1 [19]). The moderator experience refers to the extent
to which individuals feel comfortable and proficient using
technology in daily life; the moderator voluntariness pertains
to the degree of choiceindividuals havein using eHealth instead
of being required to do so by the health care organization. The
moderators age and experience may influence the correlations
between facilitating conditions and use behavior.
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Figure 1. Origina Unified Theory of Acceptance and Use of Technology (UTAUT) model (Venkatesh et a). Figure used with permission.
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Acceptance of eHealth Among Health Care
Professionals Working in Health Care Organizations
for People With ID

Also, among health care professionals working with people
with ID, both organizational and individual factors have been
identified as influencing the acceptance and use of eHealth.
Organizational factors include the culture surrounding
information and communication technology implementation,
technical challenges, and the quality of training received, which
can impact the acceptance and use of eHealth either positively
or negatively [25,26]. At the individual level, the digital
experience and communication skills of both people with 1D
and support staff or therapists have been identified asfacilitators
or barriers to the acceptance and use of eHealth [5,8]. The
willingness of support staff to introduce eHealth to people with
ID and their belief inits potential benefitsare also crucia toward
fostering eHealth acceptance. Finally, several studies show that
health care professionals' digital experience can influencetheir
acceptance and behavioral intention to use eHealth in practice
[27-29].

Whilethe af orementioned studies haveidentified relevant factors
related to the organization, health care professionals, and clients
for implementing eHealth in the care and support for individuals
with ID, there is alack of research that specifically addresses
the acceptance and usage of eHeath among health care
professionals working with this population using a theoretical
model as starting point. Therefore, this study aimed to explore
the applicability of the UTAUT model toward understanding
the acceptance, intention to use, and actual use of eHealth among
support staff and therapists working with people with ID. The
study also explored the level of acceptance and use of eHealth
for support and psychological therapy among support staff and
therapists in the care and support for people with ID and
examined whether the acceptance and usage of eHealth changed
during the COVID-19 pandemic. Theresearch questions derived
from these aims are:

https://formative.jmir.org/2024/1/e52788

1. Isthe UTAUT model applicable for understanding health
care professionals' acceptance and intention to use eHealth
for support and psychological therapy among people with
ID?

2. What isthe level of acceptance and use of eHealth among
support staff and therapists providing support and
psychological therapy for people with ID, and did the
acceptance and usage change during the COVID-19
pandemic?

Methods

Design

To investigate the acceptance and usage of eHealth among health
care professionals in support and psychological therapy for
people with 1D, 2 cross-sectional, web-based surveys were
conducted. Thefirst survey took place in 2018, and the second
survey, which included the sameitems asthe 2018 survey, along
with additional questions concerning COV ID-19 and perceptions
of working alliance when using eHealth, was administered in
2021. During this period, official measures included the
conclusion of alockdown period (from November 2020 to June
2021), the discontinuation of the 1.5-m socia distancing
measure in August 2021, the availability of vaccines, and a
gradual reopening of society (eg, higher education resumed live
classes) as indicated in the Central Government’s coronavirus
timeline [30]. These 2 cross-sectional, web-based surveys
resulted in 2 independent datasets.

Participants

The participants in the study were support staff and therapists,
including psychologists and experience-based therapists (eg,
art or drama therapists), who used at least 1 eHealth tool (eg,
secure videoconferencing tool or amindfulness app) to support
or provide psychological therapy to peoplewith ID. Theanalysis
inthe 2018 survey included datafrom 311 eHealth users of 673
participating support staff and therapists. In the 2021 survey,
data from 326 eHealth users were available.

JMIR Form Res 2024 | vol. 8| 52788 | p. 3
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The demographic characteristics of support staff and therapists
who participated in the web-based survey in 2018 and 2021 are
presented in Table 1. Participants were asked about their
voluntary or mandatory use of eHealth within their health care
organization in both years, with the majority reporting voluntary
use (232/311, 74.6% in 2018 and 223/326, 68.4% in 2021).
Only asmall percentage of participants reported being obligated
to use eHealth (52/311, 16.7% in 2018 and 54/326, 16.6% in
2021). A minority of participants (26/311, 8.4% in 2018 and
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13/326, 4% in 2021) indicated that their organization had no
specific policy regarding the use of eHealth. Both surveys also
examined participants' eHealth education and training. In the
2018 survey, 61.4% (191/311) reported not having received any
education or training. Similarly, in the 2021 survey, 65.3%
(213/326) of the participants reported a lack of education or
training, and 74.2% (242/326) reported not having received any
education or training within the past year.
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Table 1. Participant characteristics of the web-based questionnairesin 2018 (n=311) and 2021 (n=326).

Demographics and attribute 2018 survey (n=311), n (%) 2021 survey (n=326), n (%)
Gender
Male 45 (14.5) 44 (13.5)
Female 266 (85.5) 281 (86.2)
Other 0(0) 1(0.3)
Age group (years)
<30 54 (17.4) 67 (20.5)
30-39 113(36.3) 103 (31.6)
40-49 73(23.5) 78(23.9)
250 71(22.8) 76 (23.3)
Missing 0(0) 2(0.6)
Education
Lower 1(0.3) 1(0.3)
Secondary 92 (29.6) 114 (35)
Higher 218 (70.1) 204 (62.6)
Other 0(0) 5(15)
Missing 0(0) 2(0.6)
Profession
Support staff 243(78.1) 232 (71.2)
Psychologist 56 (18) 83 (25.5)
Experience-based therapist 12 (3.9) 11(3.4)

Work domain

Community care 53 (17) 67 (20.6)
Residential care® 158 (50.8) 175 (53.7)
Daycare center 35(11.3) 31(9.5)
Expert center 46 (14.8) 41 (12.6)
More than one 16 (5.1) 8(2.5)
Other 3(1) 2(0.6)
Missing 0(0) 2(0.6)
Working experience (years)
<5 48 (15.4) 83(25.5)
6-10 76 (24.4) 48 (14.7)
11-15 53 (17) 67 (20.6)
16-20 55 (17.7) 40 (12.3)
>20 79 (25.4) 87 (26.7)
Missing 0(0) 1(0.3)
Education or training
<1year 79 (25.4) 84 (25.8)
>1 year 120 (38.6) 113 (34.7)

Organizational policy toward eHealth use

Voluntary 232 (74.6) 223 (68.4)

Required 52 (16.7) 54 (16.6)

Organization did not use eHealth 26 (8.4) 13 (4)
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(page number not for citation purposes)

RenderX


http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR FORMATIVE RESEARCH

Oudshoorn €t d

Demographics and attribute

2018 survey (n=311), n (%) 2021 survey (n=326), n (%)

Missing

1(0.3) 36 (11)

83um of 2 types of residential care.

Procedure

Participants were recruited from 5 health care organizations for
people with 1D, located in both urban and rural areas in the
western and southern regions of the Netherlands. In both 2018
and 2021, professionals were invited to participate by
personalized emails sent either by the researchers or adesignated
contact person from the participating organization. The email
addresses were obtained from human resources empl oyeeswith
the approval of the board of directors of the care organization.
The email invitation included a link to the web-based
guestionnaire, which was constructed using the Qualtrics
software program, as well as an information sheet about the
study. In 2021, one organization preferred an indirect invitation
approach by placing the survey link and information sheet on
their internal organizational website. In both years, areminder
was sent to participants within amonth of theinitial invitation.
The 2018 survey was open for responses from December 2017
to April 2018. In 2021, the survey remained open from June to
September.

Participants provided electronic informed consent after
reviewing the information about their rights, data protection,
and processing of data provided in the web-based questionnaire.
The survey was designed to maintain anonymity, ensuring the
confidentiality of participants responses.

M easures

Acceptance and Use of eHealth

For this study, the authors adapted and extended the UTAUT
questionnaire[19] for health care professionalsworking in care
organizationsfor peoplewith ID. Thisprocessinvolved 5 steps.
In the first step, 2 focus groups with health care professionals
working with people with ID and familiar with eHealth
discussed the suitability of the UTAUT model factors and the
corresponding 19 items in the context of ID. Based on their
feedback, 1 origina facilitating conditions item did not fit the
present context (“If | usethe system, | will increase my chances
of getting a raise”), and 6 additional items were added to
enhance alignment with the work context; that is, 3 items were
added to the performance expectancy factor, focusing on
collaboration, working together with clients, and effectiveness
of support or therapy provision. Furthermore, 3itemswerealso
added to thefacilitating conditions factor, addressing theclient’s
facilities, digital literacy, and health care professionals’ time
availability. In the second step, the original English itemswere
trandated into Dutch using a stepwise forward-backward
tranglation procedure [31]; that is, the original English items
weretrand ated into Dutch by 2 researchersindependently, then
back-translated into English by 2 native speakers. Third, a
consensus Dutch trangl ation was achieved by the 2 researchers
with the help of an experienced manager familiar with health
care organizations for people with ID, resulting in minor
revisionsfor item clarification. The fourth step involved 3 health
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care professionals reviewing the adapted items to assess their
suitability for various eHealth tools, such asvideoconferencing
and virtual reality. Minimal adjustments were made to the item
formulation based on their feedback. Finally, in the fifth step,
the wording and sequence of the survey items were reviewed,
and a pilot survey flow was tested by 6 fellow researchers.
Minor suggestionsfrom this pil ot testing wereincorporated into
thefinal survey. These 5 steps resulted in an extended UTAUT
survey consisting of 25 items, all measured on a 5-point Likert
scale response format ranging from 1 (totaly disagree) to 5
(totally agree). Higher scoresindicated a greater acceptance of
using eHesalth to support or provide therapy for people with I1D.

In addition to the UTAUT-based questionnaire, information on
eHealth usage by health care professionals was collected.
Questions assessed familiarity, frequency, and intensity of usage
for 6 eHealth applications. apps, eHealth platforms, serious
gaming, videoconferencing, video modeling, and virtual reality.
These eHealth tools were selected based on existing literature
and their relevance to clinical practice for people with 1D
[32-34].

eHealth Experience and Voluntariness

To measure eHealth experience, which was a moderator in this
study, the computer self-efficacy subscale of the Dutch e-Health
attitude questionnaire [35] was used. This subscale consisted
of 7 items that evaluated personal experience with information
and communication technology (eg, “I feel capable of using
various computer programs’). In addition, 3 items were
reverse-coded, and participants responded on a 5-point Likert
scale ranging from 1 (totally disagree) to 5 (totally agree).
Higher scores indicated greater experience with using IT and
computer programs.

To assess the voluntariness of eHealth use, which was also a
moderator in this study, a single item inquiring about the
organization’s policy on eHealth usage (“How iseHealth usage
arranged within your organization?’) wasincluded in the survey.

Digital Working Alliance

In order to explore participants' perception of the contribution
of eHealth to the working alliance and its impact on their
intention to use eHealth, adigital working alliance wasincluded
asamoderator in 2021. To measure participants perception of
the digital working aliance, the web-based questionnaire
included an adapted Technical Alliance Inventory (TAI).
Participants working with people with mild ID completed the
TAI-Short Form—Mild ID (11 items) [36], while those working
with people with severe ID completed the TAI-Short
Form—Severe ID (12 items). Theitems were rated on a 5-point
Likert scale, ranging from 1 (totally disagree) to 5 (totally
agree). Higher scores indicated a more positive perception of
therole of eHealth in collaboration with peoplewith ID. Further
details on the psychometric properties of the TAI-Short
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Form-Mild ID for professionals working with mild ID can be
found in the study of Oudshoorn et al [36].

eHealth Training

To enhance the understanding of the organizational context as
perceived by participants, 2 additional items were included in
the questionnaire to assessthe training they received in working
with eHealth.

I mpact of COVID-19 Pandemic

The impact of the COVID-19 pandemic on the acceptance and
usage of eHealth by health care professional s was captured by
3 items based on relevant literature [37-39]: “Due to the
COVID-19 pandemic | have used eHealth increasingly,” “Due
to the Covid-19 pandemic | have used eHealth differently,” and
“Due to the Covid-19 pandemic | have a different perception
of eHealth use” Participants rated these items on a 5-point
Likert scaleranging from 1 (totally disagree) to 5 (totally agree).
Higher scores indicated a greater impact of the pandemic on
eHealth acceptance and use. In 2021, the sequence of itemswas
adjusted to ensure a logical flow of the survey in light of the
inclusion of additional topics.

Demographic I nformation

Gender and age, 2 moderators in this study, were measured as
part of the demographic information collected, which aso
included profession, working experience, and educational level.
Agewas categorized into 4 groups: <30, 30-39, 40-49, and =50
years. Gender was measured by male, female, or other.
Analysis

The data analysis was conducted using Mplus (version 8.1;
Muthén & Muthén) [40] and IBM SPSS for Windows (version
25). Only participants who filled out >80% (=20/25) of the
UTAUT statements were included in further dataanalysis. The
analysisinvolved 5 stepsto examine the factors and rel ationships
within the dataset. First, a combination of confirmatory factor
analysis (CFA) and exploratory factor analysis (EFA) was used
to evaluate the factor structure for the UTAUT model among
health care professional s in support and psychological therapy
for people with ID, following the approach of Békés et a [23].
The origina 4-factor UTAUT model, as well as the extended
4-factor model with 6 additional items, were tested using CFA.
The EFA aimed to identify latent constructs and to arrive at a
parsimoni ous representation of the associ ations among measured
variables. Data from the 2018 dataset were used for these
analyses. With respect to the CFA, the maximum likelihood
with robust SEs estimator for continuous datawas used, treating
the 5-point Likert scale responses as continuous given the
adequacy of the continuous maximum likelihood with robust
SEs estimator for ordinal datawith =5 categories [41]. Several
fit statistics were used to examine goodness-of-fit, with
acceptable model fit indicated by normed 2 <3.00, root mean
square error of approximation (RMSEA) <0.08, comparative
fit index (CFI) >0.90, and standardized root mean square
residua (SRMR) <0.10[42,43].

Second, because the CFA did not yield a satisfactory model fit
(additional information in the Results section), an EFA was
deployed to explore the factor structure based on the procedure
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described in the development of the UTAUT-Therapist
(UTAUT-T) model by Békéset al [23]. Bartlett test of sphericity
was significant (x?,,=3133.886, P<.001), indicating that it was
appropriate to use the factor analytic model on this dataset.
Next, the Kaiser-Meyer-Olkin (KMO) measure of sampling
adequacy indicated that the strength of the variables' relationship
was high (KM0O=0.86), justifying the execution of EFA. The
25itemswere subjected to maximum likelihood factor extraction
with Oblimin rotation. Based on the commonly accepted
extraction rules (scree plots, eigenvalues>1, items with factor
loadings >.40), 5 factors were found.

Third, descriptive statistics were calcul ated for both datasets to
provide an overview of the data. Fourth, a multiple regression
analysis was performed to examine the impact of the 5
individual factors on the Behavioral intention factor. Finaly, a
stepwise regression analysis was conducted to explore the
potential role of 4 moderators (gender, age, experience, and
voluntariness of eHealth use) on the relationship between the
5 UTAUT factors and Behaviora intention. In the regression
analysisfor 2021, thetechnical alliance mean scorewasincluded
as a fifth moderator. No Bonferroni corrections were applied
to the separate regression analyses dueto the study’s exploratory
nature and focus on individual scores of the 5 factors [44].

Ethical Consider ations

The Ethics Review Board of Tilburg University approved the
study (EC-2016.71). Participants were informed of the study’s
purpose and their rights on the front page of the web-based
guestionnaire, and they were required to provide consent before
accessing the questionnaire. At the end of the questionnaire,
participants were given the option to provide their email
addresses if they wished to receive updates about the study’s
findings. Any email addresses and other persona information,
including automatically collected |P addresses from Qualtrics,
were removed from the data file prior to anaysis. All
participants were employed by the care organizations involved
inthe Academic Collaborative Centre Living with an Intellectual
Disability (Tranzo, Tilburg University). They volunteered to
participate and did not receive any compensation or gifts for
their involvement.

Results

To answer thefirst research question on the applicability of the
UTAUT model, a CFA followed by an EFA were conducted to
determine model fit.

CFA and Extended UTAUT M odel

The original 4-factor model and the extended 4-factor model,
including 6 additional items, exhibited inadequate model fit in
the CFA. Specifically, theoriginal 4-factor model had anormed
X of 3.25, RMSEA=0.085, CFI=0.868, and SRMSR =0.109,
while the extended 4-factor model had a normed 2 of 3.09,
RMSEA=0.082, CFI=0.832, and SRM SR=0.103. Thesefindings
suggest that neither of the UTAUT models was suitable for the
present dataset.
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EFA Results

EFA was used to explore a new model. Table 2 presents the
pattern matrix obtained, including only items with factor
loadings >0.40 (1 item excluded from the dataset). The pattern
matrix revealed the presence of 5 factors. Factor 1, Perceived
added value (7 items, a=.85); Factor 2, Convenience and

Oudshoorn €t d

self-confidence (6 items; a=.78); Factor 3, Social pressurefrom
colleagues and support from manager (3 items, a=.79); Factor
4, Organizational support (3 items, a=.76); and Factor 5,
Facilitating conditions for people with ID (such as devices and
digital skills; 2 items, a=.78). In addition, 3 items composed
the Behavioral intention factor (3 items, a=.95).

Table 2. Factor loadings of Unified Theory of Acceptance and Use of Technology (UTAUT) items and added items from the focus group consultation.

Item Factor 1 Factor 2 Factor 3 Factor 4 Factor 5
Using eHealth facilitates working together with my clienttoreach ~ 0.703 —0.008 0.068 0.108 0.171
their goals.?
The use of eHealth supports the provision of support/therapy more  0.697 0.207 0.000 -0.076 0.004
effectively.?
eHealth enables collaboration with other personsinvolved in the 0.693 0.051 -0.037 0.130 -0.084
client’sformal and informal network.2
| find eHealth useful for my work. 0.687 0.150 -0.016 0.160 -0.011
It would be easy for me to become skillful in using eHealth. 0.638 -0.192 0.034 0.045 0.089
Using eHealth increases my productivity. 0,554 0.407 0.057 -0.378 -0.037
Using eHealth enables me to accomplish tasks more quickly. 0.541 0.373 0.157 -0.305 -0.083
| clearly understand how to use eHealth as part of the support and/or —0.007 0.723 —-0.050 0.168 0.075
therapy | provide
I have the knowledge necessary to use eHealth. -0.189 0.709 0.036 0.308 0.147
| find eHealth easy to use. 0.199 0.698 -0.053 0.013 0.038
By using eHealth, | will increase the extent towhich | am valued (eg, 0.227 0.610 0.064 -0.369 -0.160
| am ableto get atargeted training, | could become an eHealth ambas-
sador in my organizati on).b
Learning to operate an eHealth tool is easy for me. 0.087 0.533 0.011 0.068 0.105
| have sufficient time to make eHealth my own.2 -0.040 0.533 0.161 0.195 0.198
Colleagueswho influence my behavior think that | should useeHedth. —0.068 -0.051 0.980 -0.034 -0.038
Colleagues who are important to me think that | should use eHealth. 0.000 -0.095 0.972 -0.021 0.006
The senior management of my care organization has been helpful in  0.125 0.222 0.430 0.395 0.046
the use of eHealth.
Thereis a specific person (or group) available for assistance with 0.140 0.037 -0.007 0.798 -0.045
eHealth difficulties.
In general, the organization has supported the use of eHealth. 0.293 0.095 0.063 0.727 0.010
| have the resources necessary to use eHealth. -0.062 0.298 0.056 0.613 0.083
My client hasthefacilities (eg, computer, laptop, smartphone, internet  0.025 0.073 -0.030 -0.092 0.902
access) necessary to use eHealth.2

0.069 0.006 0.009 -0.075 0.901

My client has the necessary digital literacy to use eHealth.2

8Added items by focus group consultation.

bOriginal UTAUT item adapted for cross-cultural reasons; one item with factor loading <.40 deleted

To address the second research question on the level of
acceptance and use of eHealth among health care professionals
working with individuals with intellectual disabilities,
descriptive analysis, regression analysis, and moderator analysis
were conducted. The results of these analyses are presented
sequentially.

https://formative.jmir.org/2024/1/e52788

Descriptive Analysis

Tables 3 and 4 present the descriptive statistics and correlations
of the 5 factors in the extended UTAUT model derived from
both datasets. Mean scores were calculated for each factor to
assess the acceptance of eHealth among support staff and
therapists. Acceptance scoreswere categorized aslow (1-2.34),
moderate (2.35-3.67), or high (3.68-5) following the acceptance
study by Henneman et a [17]. In both the 2018 and 2021
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datasets, the mean scores for all 5 factors were found to be
moderate. For more detailed information, refer to Tables 3 and
4. Item mean and SD scores can be found in Multimedia
Appendix 1. In addition, participants in 2021 expressed
agreement that the COVID-19 pandemic had resulted in

Table 3. Mean and SD of factors and intercorrel ations, 2018 dataset.

Oudshoorn €t d

increased eHealth usage (mean 3.85, SD 1.008). They aso
indicated that their use of eHealth changed due to the pandemic
(mean 3.58, SD 1.054) and that it had influenced their opinion
about eHealth (mean 3.58, SD 1.008).

Factor Score, mean (SD) Factor 1 Factor 2 Factor 3 Factor 4 Factor 5 Behaviord intention
1. Perceived added value

r 3.46 (0.606) 1 .654 .320 .264 187 436

P value _a — <.001 <.001 <.001 <.001 <.001
2. Convenience and self-confidence

r 3.18 (0.627) .654 1 .355 .503 .354 .548

P value — <.001 — 1 <.001 <.001 <.001
3. Social pressure from colleagues and support from manager

r 2.64 (0.811) .320 .355 1 .503 .354 .548

P vaue — <.001 <.001 — <.001 <.001 <.001
4. Organizational support

r 3.41(0.824) .264 .503 .352 1 310 .581

P value — <.001 <.001 <.001 — <.001 <.001
5. Facilitating conditions of client with intellectual disabilities

r 2.84(0.898) 187 .354 181 .310 1 400

P vaue — <.001 <.001 <.001 <.001 — <.001
Behavioral intention

r 3.66 (0.883) 436 .548 .298 581 400 1

P value — <.001 <.001 <.001 <.001 <.001 —

8ot applicable.

https://formative.jmir.org/2024/1/e52788
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Table 4. Mean and SD of factors and intercorrelations, 2021 dataset.

Oudshoorn €t d

Factor Score, mean (SD) Factor 1 Factor 2 Factor 3 Factor 4 Factor 5 Behaviord intention
1. Perceived added value

r 3.44 (0.580) 1 .653 .260 341 .329 .558

P vaue _a — <.001 <.001 <.001 <.001 <.001
2. Convenience and self-confidence

r 3.18 (0.591) .653 1 .369 .585 .398 .508

P value — <.001 — <.001 <.001 <.001 <.001
3. Social pressure from colleagues and support from manager

r 2.57(0.797) .260 .369 1 403 .283 314

P value — <.001 <.001 — <.001 <.001 <.001
4. Organizational support

r 3.27(0.845) 341 .585 403 1 281 511

P value — <.001 <.001 <.001 — <.001 <.001
5. Facilitating conditions of client with intellectual disabilities

r 2.63(0.885) .329 .398 .283 .281 1 312

P value — <.001 <.001 <.001 <.001 — <.001
Behavioral intention

r 3.71(0.872) .558 .508 314 511 312 1

P value — <.001 <.001 <.001 <.001 <.001 —

3Not applicable.

Regarding the moderator experience, participantsin both 2018
and 2021 reported high levels, with mean scores of 3.79 (SD
0.67) and 3.73 (SD 0.70), respectively. Table 5 presents the
descriptive statistics for familiarity and actual usage of different
eHealth tools. In 2018, support staff and therapists were most

https://formative.jmir.org/2024/1/e52788
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familiar with apps and virtua redlity; 73% (213/311) of
participants reported using apps, and 37% (65/311) reported
using video modeling. Both apps and video modeling were
primarily used in support and therapy for over ayear.
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Table 5. Familiarity and actual use of 6 eHealth applications of participantsin 2018 and 2021.

Application 2018 survey (n=311) 2021 survey (n=326)
Apps
Familiarity, n (%) 292 (93.9) 291 (89.3)
Actual usé®, n (%) 213 (72.9) 216 (74.2)
Usesince(<ly),n 76 54
Usesince (>1y), n 137 161
Use frequency (<]kab), n 61 60
Use frequency (=1/wk®), n 152 156
Videoconferencing
Familiarity, n (%) 145 (46.6) 315 (96.6)
Actual use, n (%) 57 (39.3) 218 (69.2)
Usesince(<ly),n 30 76
Usesince(>1y),n 27 142
Use frequency (<L/wk), n 27 106
Use frequency (=L/wk), n 30 112

e-Health platform

Familiarity, n (%) 201 (64.6) 126 (38.7)
Actual use, n (%) 116 (57.7) 49 (38.9)
Usesince(<ly),n 69 14
Usesince(>1y),n 47 35
Use frequency (<L/wk), n 51 28
Use frequency (=L/wk), n 65 21
Virtual reality
Familiarity, n (%) 222 (71.6) 221 (67.8)
Actual use, n (%) 19 (8.6) 15 (6.8)
Usesince(<ly),n 11 6
Usesince(>1y),n 8 9
Use frequency (<L/wk), n 16 12
Use frequency (=L/wk), n 3 3
Serious gaming
Familiarity, n (%) 53 (17) 49 (15)
Actual use, n (%) 4(7.5) 7(14.3)
Usesince(<ly),n 2 2
Usesince(>1y),n 2 5
Use frequency (<L/wk), n 3 6
Use frequency (=1/wk), n 1 1
Video modeling
Familiarity, n (%) 174 (55.9) 197 (60.4)
Actual use, n (%) 65 (37.4) 126 (64)
Usesince(<ly),n 26 42
Usesince(>1y),n 39 82
Use frequency (<L/wk), n 57 90
https.//formative,jmir.org/2024/1/e52788 JIMIR Form Res 2024 | vol. 8| €52788 | p. 11
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Application

2018 survey (n=311) 2021 survey (n=326)

Use frequency (=1/wk), n

8 36

#The denominator is the n value in the “ Familiarity” row.
b<1/wk: once amonth and incidental use were added.
C>1/wk: dai ly, 2-3 times, and once a week were added.

In 2021, the majority of participants were familiar with
videoconferencing (315/326, 96.6%), apps (291/326, 89.3%),
and virtua reality (221/326, 67.8%). Specificaly, 74.2%
(216/291) of participantsreported using apps, 69.2% (218/315)
reported using videoconferencing, and 64% (126/197) reported
using video modeling. It is worth noting that the adoption of
videoconferencing may have been more recent, potentially
influenced by the ongoing COV ID-19 pandemic during the data
collection period.

Multiple Regression Analysis

A multiple regression analysis was conducted to examine the
effect of the 5 factors on behavioral intention. In 2018, the
combined influence of the 5 factors significantly predicted
behavioral intention (RP=.47; F 35=54.89, P<.001). In total, 4
factors had individual significant effects on behavioral intention:
Factor 1 (f=.19; t=3.46; P=.001), Factor 2 (=.16; t=2.46;
P=.02), Factor 4 (=.39; t=7.78; P<.001), and Factor 5 (=.19;
t=4.13; P<.001). However, Factor 3 did not show a significant
effect on behavioral intention (=.01; t=0.215; P=.83).

In 2021, the combined influence of the 5 factors also predicted
behavioral intention significantly (RP=0.43; Fg3,=49.32,
P<.001). Inaddition, 2 factorshad individual significant effects
on behaviora intention: Factor 1 (3=.41; t=7.28; P<.001) and
Factor 4 (=.33; t=6.15; P<.001). Factor 2 (3=.001; t=0.019;
P=.99), Factor 3 (=.06; t=1.160; P=.25), and Factor 5 (3=.07;
t=1.49; P=.1) had no significant effect on behavioral intention.

Moderator Analyses

Finaly, we conducted moderation analyses to examine the
potential moderating effects of age, gender, experience,
voluntariness, and technical aliance on the relationship between
the individual 5 UTAUT factors measuring the construct
acceptance and behavioral intention. Only the significant
moderating effects are reported here; detailed results for all
moderation analysesin the 2018 and 2021 datasets can befound
in Multimedia Appendix 2.

In the 2018 dataset, several significant moderating effects were
observed. In 3 different age groups, the relationship between
individual UTAUT factors and intention to use eHealth was
moderated differently. First, age was found to moderate the
relationship between Factor 1 and Behaviora intention
negatively for the 40-49 years age group (3=—357; P=.04). This
suggests that this age group was not as motivated to engage in
theintended behavior when perceiving less added va ue. Second,
for the same age group, the relationship between Factor 4 and
Behavioral intention was again negatively moderated (B=—273;
P=.03), indicating that they perceived less organizational support
for their intended behavior. Third, age aso significantly
moderated the relationship between Factor 3 and Behavioral
intention; that is, anegative rel ationship was found for the 30-39

https://formative.jmir.org/2024/1/e52788

years age group (B=—281; P=.02), while apositive relationship
was observed for the =50 years age group (3=.332; P=.04). This
suggests that the intended behavior of younger professionals
(aged 30-39 years) was less influenced by colleagues and their
managers, whereas for professionals aged =50 years, the
opposite held true.

Experience as a moderator had a negative effect on the
relationship between Factor 4 and Behaviora intention
(B=—167; P=.03), indicating that those with more experience
may be less motivated to engage in the intended behavior when
perceiving less organizational support. Last, voluntariness as a
moderator had a negative effect on the relationship between
Factor 5 and Behavioral intention (=—327; P=.004). This
suggests that when the intended behavior is perceived as
voluntary, the presence of facilitating conditionsfor peoplewith
ID may not be sufficient to motivate individuals to engage in
the behavior.

In the 2021 dataset, gender was found to have a positive
moderating effect on the relationship between Factor 2 and
Behavioral intention (=.376; P=.04), indicating that men felt
more conveni ence and self-confidence to engagein theintended
behavior. Gender also has a positive moderating effect on the
relationship between Factor 4 and Behavioral intention (3=.341,;
P=.02), suggesting that men perceived more organizational
support for their intended behavior. Moderator voluntariness
had a negative effect on the relationship between Factor 3 and
Behavioral intention (B=—277; P=.02). Voluntariness also
negatively moderated the relationship between Factor 4 and
Behaviora intention (B=—382; P<.001) as well as between
Factor 5 and Behavioral intention (B=—404; P<.001). These
findingsindicate that those who perceived the intended behavior
asvoluntary were less influenced by pressure from colleagues,
support from their manager or the organization, or digital
facilitating conditions for people with ID. Technical alliance
moderated the relationship between Factor 5 and Behavioral
intention positively (B=.157; P=.048). This suggests that when
thereisahigher level of technical alliance among support staff
and therapists, the facilitating conditions for people with mild
ID are perceived to be more effective in promoting behavioral
intention.

Discussion

Principal Findings

This study aimed to assess the applicability of the UTAUT
model in understanding health care professionals acceptance
and intention to use eHealth for support and psychological
therapy among peoplewith ID. In addition, it explored the level
of acceptance and use of eHealth among support staff and
therapists providing support and psychological therapy for
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people with 1D and whether the acceptance and usage changed
during the COVID-19 pandemic.

With respect to the first research question (applicability of the
UTAUT model), a questionnaire based on the UTAUT model
was adapted and extended for health care professional sworking
with people with ID. However, based on this questionnaire,
neither the original UTAUT model nor the extended UTAUT
model yielded satisfactory model fit results according to the
CFA. Therefore, an EFA was conducted to explore the
underlying latent factors for the extended model, resultingin a
5-factor model demonstrating acceptable-to-good internal
consistency. This extended model served as the reference for
further analysis of the acceptance of eHealth among support
staff and therapistsin 2 cross-sectional, web-based questionnaire
studiesin 2018 and 2021. The 5-factor mode!, which determined
acceptance, accounted for 43% to 47% of the variance in the
intention to use eHealth. Thisisin line with the findings of the
UTAUT-T [23], showing that the 5 UTAUT-T subscales
(Therapy quality expectancy, Pressure from others, Professional
support, Ease of use, and Convenience) collectively predicted
42% of the average behavioral intention.

Other studies applying the UTAUT model to investigate
acceptance among health care professionals working with a
general patient or client populations found varied explained
variance in intended behavior percentages, ranging from 31%
to 78% [45]. This led to the conclusion that the extended
UTAUT mode partially appliesto understanding the acceptance
and intention to use eHealth of support staff and therapists
working with peoplewith ID. Thefactor “ Facilitating conditions
of clients,” which wasincluded in this study based on the advice
of the expert group, was confirmed in factor analysis as a
relevant factor for acceptance. Notably, this unique factor was
not present in previous health care context studies examining
the UTAUT model or recommended for inclusion in future
studies[17,23,46]. Furthermore, CFA is needed to examine the
extended UTAUT model among a larger group of health care
professional sworking with people with ID in order to establish
the generalizability and robustness of the extended UTAUT
model’s findings.

While the extended UTAUT model partially appliesto eHealth
acceptance and intention among support staff and therapists
working with individualswith D, there are still unknown factors
influencing their intentions to use eHealth. A possible reason
for this knowledge gap is that the UTAUT model primarily
focuses on individual user perspectives at specific moments,
overlooking contextual factors that affect eHealth
implementation and the roles of health care professionals
[18,47]. This one-sided perspective of the UTAUT model might
not align well with multilateral contexts within health care
organizations, which significantly influence heath care
professionals behavior [48,49]. The 5-factor UTAUT model
developed in this study can be applied to understand the
individual factors that affect support staff and therapists
intentions to use eHealth in providing support and therapy
among people with intellectual disabilities. However, fully
understanding professionals motivation requires supplementing
this model with afocus on contextual factors captured in other
theories and models (eg, the Nonadoption, Abandonment,

https://formative.jmir.org/2024/1/e52788

Oudshoorn €t d

Scale-Up, Spread, and Sustainability framework by Greenhalgh
et a [50]).

With regard to the second research question (level of acceptance
and use of eHealth), this study found that support staff and
therapists demonstrated moderate acceptance, determined by 5
influencing factors. Notably, the perceived added value of
eHealth and organizational support emerged as the primary
driversfor acceptance, consistent with previousresearch [45,51].
Interestingly, participants in our study did not experience
significant social pressure from colleagues to adopt eHealth,
aligning with findingsin rehabilitation care [21], primary mental
health care [22] and psychotherapy [52]. Instead, their
willingness to use eHealth appeared to be more dependent on
perceived benefits for their clients [53,54]. However, in this
study, participants expressed concerns regarding the facilitating
conditions for clients, such as access to proper equipment and
digital skills required to benefit from eHealth interventions, a
sentiment echoed in several studies [55,56]. Furthermore, the
study’smoderator analysis reveal ed that participants aged 40-49
years, as well as those who viewed the use of eHedth as
voluntary, displayed a negative influence on their intention to
adopt eHealth. Chiu and Ku [57] state that factors influencing
eHealth use might differ in health care organizations with
mandatory or voluntary use policies. Therole of agein eHealth
adoption has been studied, but findings have not been consistent
[51,58].

With regard to the eHealth usage, the following patterns were
observed for 2018 and 2021. Participants in 2018 showed a
preference for using apps and video modeling most frequently.
In 2021, this trend continued, with apps and video modeling
remaining the most commonly used eHealth tools. Notably,
video modeling saw a more substantial increase in usage
compared to 2018; telecare, particularly video conferencing
technol ogy, experienced asignificant surgein adoptionin 2021,
likely attributable to the impact of the COVID-19 pandemic.
In 2021, the familiarity and use of eHealth platforms decreased
compared with 2018. However, the adoption of moreinnovative
eHealth tools like virtua reality and serious gaming remained
limited in clinical practice bothin 2018 and 2021. Thefindings
align with observations in other care domains, such as mental
health care, where videoconferencing also increased during the
pandemic, but innovative tools continued to be underused [59].

Degspite the differences in participant groups and contexts
between the 2 surveys (2018 and 2021) due to their
cross-sectional designs and the impact of the pandemic, the
results pertaining to acceptance factors were found to be
comparable. Participants in 2021 acknowledged that the
pandemic significantly influenced their views on eHealth, as
indicated by the additional COVID-19 questions. Contrary to
our expectations, this influence did not lead to a distinct
acceptance profile based on the extended UTAUT model. The
similarity in acceptance profiles observed in both survey years
might be explained by several factors. First, the significant
increase in videoconferencing in 2021 may have played arole.
Studies show that videoconferencing can serve as a viable
alternative to in-person services without negatively affecting
acceptance [60]. Due to restrictive measures, outreach support
staff and therapists had to adapt to virtual work, with
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videoconferencing proving to be a time-efficient alternative
[61]. However, the main group of participants in this study
consisted of residential support staff, who were less obligated
to shift from face-to-face support to remote support, potentially
influencing acceptance scores. Lastly, over time, the surveyed
support staff and therapists may have become more accustomed
to videoconferencing a year after the start of the pandemic,
which could explain the consistent acceptance profile. In
previous studies, findings on the impact of the COVID-19
pandemic on eHealth acceptance among health care
professional s described some health care professional sreporting
negative experiences, aswell as otherswho felt surprised about
the opportunities [62-64]. In this study, despite the pandemic’s
influence, the acceptance profile remained comparabl e between
the 2 survey years. The reasons for the consistent acceptance
profiles of eHealth over time and the variables that contribute
to these stable acceptance profiles require further investigation
in the near future. Knowledge about eHealth is necessary for
acceptance but insufficient for actual usage [65]. Factors like
training, integrating eHealth into education, workflow, and
organizational cultureimprove acceptance[51,64]. In our study,
support staff and therapistslacked eHealth training, even during
the pandemic. Accessibletraining methods, such as short videos
demonstrating benefits, have proven effective [52]. However,
research on eHealth acceptance and training needs of
professional sworking with peoplewith I D islacking and needs
to build knowledge on facilitating conditions to ensure
successful implementation. Conducting such researchiscrucial
to adequately prepare professionals for effective eHealth use,
enhancing the quality of care for this population. Further
qualitative research on the experiences, motivations, and values
of health care professionals using eHealth in care practice could
provide a more comprehensive understanding of what drives
their acceptance and how it impacts their collaboration with
people with intellectual disabilities.

Strengths and Limitations

The UTAUT model primarily focuses on the individua
perspective of eHealth acceptance and usage, but these processes
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are complex and involve various factors [48]. In our study, we
expanded the analysis to include organizational aspects like
eHealth policy and training provided by care organizations. To
gain a comprehensive understanding, future research should
consider perspectives from people with ID and their relatives.
Collaboration with professional s working with mild ID during
survey development was a notable strength of this study.

Although we carefully trandated UTAUT statementsinto Dutch,
some items might not have accurately reflected participants
clinical practice or their perception of “eHeath,” possibly
impacting the model’s explained variance. Nevertheless, our
study’s strengths include covering familiar eHealth tools and
variousworking domains (community care and long-term care),
representing a broad spectrum of professional care.

A potentia limitation is self-selection bias, as those interested
in eHealth and adept at web-based questionnaires might have
been more likely to participate. Caution is needed when
interpreting findings, avoiding automatic generalization to all
support staff and therapists working with individuals with ID.

Conclusion

In conclusion, the extended UTAUT model is partialy
applicable to understanding the acceptance and intention to use
eHealth among health care professionals working with people
with ID. Future research is needed to fully understand what
additional factors determine hedth care professionas
acceptance and eHealth use among clients with ID. The level
of acceptance was moderate, with the perceived added val ue of
using eHealth among clientswith 1D and organizational support
as the most relevant determinants of acceptance. This study
provides valuableinsightsinto the acceptance of eHealth among
support staff and therapists in health care organizations for
people with ID, as they play a crucia role in supporting and
motivating clientsto embrace eHealth, making their acceptance
relevant for the success of health care innovations [51].

Mean and SDs for factors and items of participants from 2018 and 2021.
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Results of moderator analysis of data from 2018 and 2021.
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CFIl: comparative fit index
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RM SEA: root mean square error of approximation

SRMR: standardized root mean square residual

TAIl: Technical Alliance Inventory

UTAUT: Unified Theory of Acceptance and Use of Technology

UTAUT-T: Unified Theory of Acceptance and Use of Technology-Therapist
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